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streaming e-commerce. This article explores how limitation in
quantity, limitation of time, convenience, and interactiveness affect
perceptions about arousal, enjoyment, and impulsive buying. In order
to achieve understanding in relation to how mental processes result in
emotional outcomes leading to impulse purchase, this study adopts
the S-O-R model theory of Mehrabian and Russell (1974). This is a
quantitative research work that involves surveyed data collection and
statistical analysis. With the assumption of indication regarding
limited time scarcity, limited quantity scarcity, demand, convenience,
interactivity, playfulness, perceived arousal, and perceived enjoyment
are related to impulsive purchase behavior. This study aims to
support the validity and enhancement of the S-O-R model such that
its use in explaining e-consumer behavior can be justified. Therefore,
these implications for business will help them build marketing and
branding strategy, promotion campaigns, product launches, live
shopping events, and create loyal customers with return purchases.
This study concludes that it is necessary to understand how scarcity,
convenience, and interactivity affect spontaneity buying process in live
selling electronic platforms and more studies should be done into this
field.
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Penelitian ini mengeksplorasi bagaimana kelangkaan, permintaan,
kenyamanan, interaktivitas, dan kesenangan memengaruhi pembelian
impulsif di live shopping e-commerce. Menggunakan model S-O-R
yang diusung oleh Mehrabian and Russell (1974), studi ini
menginvestigasi hubungan antara faktor-faktor tersebut dan perilaku
pembelian. Dengan data survei dan analisis statistik, kami
menemukan bahwa faktor-faktor tersebut berpengaruh signifikan
terhadap pembelian impulsif. Oleh karena itu, implikasinya terhadap
bisnis akan membantu mereka membangun strategi pemasaran dan
branding, kampanye promosi, peluncuran produk, acara belanja
langsung, dan menciptakan pelanggan setia dengan pembelian
berulang. Studi ini menyoroti pentingnya memahami bagaimana
kelangkaan, kenyamanan, dan interaktivitas mempengaruhi proses
pembelian di platform e-commerce.




INTRODUCTION

The Live shopping feature on e-commerce
platforms is regarded as the latest trend of
e-commerce and it has become a new
channel, new experience, and new approach
for consumers to shop for various goods (Geng
et al, 2020; Hu & Chaudhry, 2020).
Becoming an avenue of the e-commerce
industry, live shopping has successfully
facilitated interactions between buyers and
sellers prior to making online transactions,
proven by its total net worth of
$60,000,000,000 in 2024, with a growth rate
of 7.7% in 2020 (Zhong et al.,, 2022).
Approximately 16% of global online
shoppers purchase products directly via the
live streaming feature, with the percentage
rising to 30% in Asia (Peng et al., 2021).

Since the e-commerce industry is fast paced,
businesses are continuously searching for
new approaches to attract shoppers’ attention
and driving up the revenue on online
shopping (Geng et al., 2020; Lu et al., 2020).
E-commerce platforms have been adopting
the live shopping feature in China since 2017
when Douyin, a version of TikTok Shop
exclusive in China, that happened to be the
forerunner of TikTok Shop under ByteDance,
implemented video shopping, live streaming
commerce, or live streaming shopping (Ma et
al., 2018; Andersson, 2021). Ever since then,
with a shift in platform, the growth of
e-commerce platforms in Indonesia, which
includes TikTok Shop, Shopee, Tokopedia,
Facebook, Lazada, Bukalapak, and JD.ID,
have been the fastest in the world amongst
several other countries with 78% growth in
2018 based on the data released by Databoks
through an author (Widowati, 2019). With a
total population of 281,603,800, Indonesia is
the fourth largest populated country in the
world as of 2024 (UN Desa, 2022; Badan
Pusat Statistik Indonesia, 2024). Discussing
in the context of internet or digital users, the
number of Indonesia's internet users amounts
to 274,200,000 (Statista, 2023), positioning it
as the fourth-largest digital population in the
world as of January 2023 (DataReportal et
al., 2023). In Indonesia, 27.5% of
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Indonesians utilized TikTok’s Live Shopping
feature, according to a survey from Statista
among e-commerce sellers in Southeast Asia
from 2022 (Ganbold, 2023). Moreover, the
e-commerce market penetration rate in
Indonesia is projected to grow annually,
currently standing at 31,76% as of 2024
(Statista, 2024). Amongst other live shopping
platforms in Indonesia, Shopee has the most
amount of users with 83,4%, with TikTok
ranking second after Shopee with 42,2%,
followed by other live shopping platforms
such as Instagram, Tokopedia, Facebook,
Lazada, Bukalapak, and JD.ID based on data
released by Databoks through an author in
2022 (Annur, 2022). According to a survey
among live shopping platform users in the
Asia-Pacific region in 2022, fashion and
accessories as a leading category, amounts to
18% of the market, followed by 14% from
the beauty and personal care category
(Gonbold, 2022).

By its function, live shopping enables a
two-way interaction with the customers in
real-time, and it may be used more than
teleshopping and it is compatible with
various electronic devices which includes
smartphones and PC’s (Tong et al., 2022). This
distinctive new model of retail allows buyers
to connect with the hosts or influencers
through the use of live video feeds as they
view and purchase the products, unlike
traditional e-commerce shopping model
channels for e-commerce marketing (Hu &
Chaudhry, 2020). Since it is shown that there
iS an increase in sellers’ revenues when
utilizing the live shopping feature, live
shopping also correlates positively with the
high amount of purchase (Tong et al., 2022).
From here, the question is what captivates the
audience and keeps them engaged in using
live shopping?

Consumers themselves enjoyed live shopping
more than traditional shopping because live
shopping includes contact-free service with
instant involvement, especially when it
comes to high-risk retail shopping (Zhang et
al., 2023). Moreover, live shopping captures



people’s interests by enabling them to enjoy a
communicative and on-the-spot shopping
experience. As a result, the annual Gross
Merchandise Volume (GMV) of Indonesia’s
e-commerce market reached over
$62,000,000,000 in 2023 and was forecasted
to reach around $160,000,000,000 by 2030
(Statista, 2023)..

Knowing the fact that customers enjoyed live
shopping, there are several psychological
variables that influence viewers on why they
prefer live shopping. According to research,
demand, convenience, interactivity,
playfulness, and scarcity (quantity or time)
are some features that includes in live
shopping, since when using live streaming
for product shopping or e-commerce, these
affect consumer’s psychological responses
that leads to impulsive purchases during the
process of the live streaming shopping (Wu et
al., 2021; Lin et al., 2022).

As impulse purchasing happened to be one of
the most important purchase drivers in live
shopping, the wurgency of this topic is
heightened since impulsive purchase has
been known to affect customers' financial
situation, proven by the fact that according to
a survey conducted by Rakuten Insight,
39.97% of Indonesian social commerce users
regularly purchase products right after viewing
(more than 6 times in the last 12 months)
and 31.7% purchase between 3-6 times in the
last 12 months (Rakuten Insight,

2023). Regarding the context of impulsive
buying intentions in social commerce,
Indonesian consumers demonstrated a high
level of willingness to share their purchases
and endorse products on the chosen platform
via blog posts, photo-messaging or tweeting
(Zhu et al., 2020). Often times, viewers
ended up buying things that are considered to
be within their secondary or tertiary needs,
which means that consumers tend to be
inclined to make an impulsive purchase when
they find certain products that fulfill their
requirements and needs and is compatible
with themself which is influenced by hedonic
motivations and hedonic browsing (Nugraha
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et al., 2023). Hedonic motivation refers to the
desire or drive to seek pleasure, enjoyment,
and positive experiences in an excessive way
or more than one needs to (Dorothee et al.,
2017).

Aside from the hedonic motivation which
stands as the most influential personality trait
construct that directly shapes purchasing
intention, peer communication and subjective
norms coming from the construct of social
experience also causes an effect of intention
yet indirect, which may also extend
implications that perceived enjoyment and
perceived arousal in the context of
experiences. This may be a supporting factor
to drive impulse purchases (Anindito et al.,
2021). This phenomenon of increased usage
and increased hedonic behavior is very much
worthy enough to validate the fact that
e-commerce is a very dynamic and promising
topic to be researched further especially in
Indonesia. With the soaring data numbers of
e-commerce growth and live shopping in
Indonesia, this leads to the ultimate question:
what stimulates individuals to purchase items
after engaging in a live shopping experience?

This phenomenon surrounding live shopping
could be explained and analyzed further
using the S-O-R framework, since the said
model from Mehrabian and Russell (1974)

believes that stimuli will affect the
consumers’  emotional  responses.  In
correlation, the studies related to the

framework of S-O-R model in live streaming
commerce and impulse purchasing, as well as
the theoretical bases on mental processes and
emotional outcomes that have been offered in
prior studies can be used to help understand
how the mental processes and emotional
outcomes lead to impulsive purchasing
behavior in this study. The research framework
relies on the stimulus-organism-
response (SOR) model theory, proposed by
Mehrabian and Russell (1974). Hence, several
variables such as scarcity, convenience, and
interactivity could influence e-commerce
impulsive purchase. Therefore this study
will examine how



limited time scarcity, limited quantity
scarcity, demand, convenience, interactivity,
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and playfulness influence the impulse
purchase in live shopping e-commerce.

Figure 1. Stimulus-Organism-Response (SOR) Model (Mehrabian & Russell, 1974)

Stimulus $

Organism

$ Response

Input Process

Output

The S-O-R framework was first developed to
acknowledge the relationship  between
external stimuli, internal responses, and
behavioral outcomes. This model holds
particular relevance in the context of live
streaming shopping, where stimuli from the
live streaming environment influence
consumers' psychological states, leading to
specific responses like purchase intentions or
impulse buying. Recent research has delved
into the factors influencing consumer
behavior in live streaming shopping using the
S-O-R framework (Mehrabian & Russell,
1974).

One study focused on exploring factors that
influence impulse buying in live shopping
based on the S-O-R theory (Lin et al., 2022).
The research identified stimulus factors in the
live shopping throughout the live streaming
environment  that impact consumers'
psychological states, ultimately affecting
their impulse purchase intentions. Impulsive
purchase intentions differ from long-term
purchase intentions in a way that impulsive
buying behavior is characterized by
immediate, unplanned decisions driven by
emotions, desires, or sudden urges, often
without careful consideration or prior
intention,  while  long-term  purchase
intentions are based on deliberate evaluation
and consideration of various factors before
making a purchase decision (Zhang & Shi,
2022). The study highlighted the importance
of factors like demand, convenience,
interactivity, and playfulness in stimulating
consumers' perceived enjoyment, which

drives impulsive purchases in a direct
manner. The findings emphasized the
significance of elements such as the

selections of live streaming platform,
interactive interface design, and shopping
process design in shaping consumer behavior
during live streaming shopping (Lin et al.,
2022).

Wu, Xin, Li, Yu, & Guo (2021) conceptual
model suggested that perceived arousal is one
of the factors that drive impulse purchase
(Wu et al., 2021). On the other hand, Lin,
Tseng, Shirazi, Hajli, & Tsai (2022) research
hypothesis ~ suggested that  perceived
enjoyment is the significant factor that
positively related impulse purchase (Lin et
al., 2022). The integration of both conceptual
models suggested by the two studies would
be a solution to fill those research gaps,
hence ensuring newness in our study. By
combining insights from Wu et al. (2021) and
Lin et al. (2022), this research bridges the
gap between the physiological factors that
influence impulse purchases in live streaming
shopping and the effectiveness of scarcity
promotion strategies in e-commerce. This
integration fosters a deeper understanding of
how the interaction between Indonesian
consumers' behaviors and perceptions within
the context of live streaming shopping.

Problem Formulation

Albeit the intensity of study involving live
shopping, there are still some literature gaps
related to the context of this research
especially in Indonesia that this research



would like to solve. Hence, the following
problem statement of this research are:

1. How do limited-quantity scarcity and
limited-time  scarcity relate to
perceived enjoyment during
Indonesian consumer’s live shopping
experiences?

2. How do demand, convenience,
interactivity, and playfulness relate to
perceived arousal when it comes to live
shopping in Indonesia?

3. How do perceived arousal and
perceived enjoyment relate to impulse
purchase in the context of live
shopping in Indonesia?

Research Objectives
From the problem statement above, there are
a few objectives that this research would like
to accomplish such as:
1. To observe the
limited-quantity

relation  of

scarcity and
limited-time scarcity towards
perceived enjoyment during
Indonesian consumer’s live shopping
experiences.

2. To understand  how  demand,
convenience, interactivity, and
playfulness relate to perceived arousal
when it comes to live shopping in
Indonesia.

3. To see how perceived arousal and
perceived enjoyment relate to impulse
purchase in the context of live
shopping in Indonesia.

S-O-R Model

The  Stimulus-Organism-Response (SOR)
model originates from the discipline of
environmental  psychology, which was
initially developed by Mehrabian and Russell
(1974), consisting of environmental stimulus
(S) which results in emotional response (O),
and therefore resulting in behavioral response
(R) (Mehrabian & Russell, 1974). The
principle used is stimulus-response based
with the cognition and emotion of individuals
serving as the intermediate step to produce
individual  approach-avoidance  behavior
(Mummalaneni, 2005). The SOR model
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implies that using environmental cues as
stimuli affects individuals’ emotional and
cognitive  responses, affecting consumer
behavior (Mehrabian & Russell, 1974).

The S-O-R model could also be used to
interpret the effects of four types of media
such as Stimulus on brand attitude as
Organism and sequentially on purchase
intention as Response (Istijanto et al., 2023).
Many researchers from different fields have
expressed S-O-R model’s vital role in retail
settings such as the decision to buy, impulse
buying, and service fairness (Namkung et al.,
2010; Chang et al., 2013; Demangeot et al.,
2016; Lucia-Palacios et al., 2016).

Limited-Quantity Scarcity

Limited quantity scarcity is a marketing
strategy that emphasizes the limited
availability of a product or a service in terms
of quantity. This strategy is used to build a
sense of urgency and encourage consumers to
make a transaction or purchase promptly
before the offer expires (Kristofferson et al.,
2016). Limited-quantity scarcity message
also helps in improving product’s perception
by giving more attractive value than its
alternatives, since consumers would perceive
the limited or temporary purchase
opportunities as being more attractive and of
greater value in comparison with the other
alternatives that are abundant (Fromkin,
1970; Lynn, 1992). It can also be said that
scarcity can be used as one of the messages
with which a marketing strategy uses to play
on peoples’ preference for scarcity with a
view to increasing the value placed on the
particular offered products or opportunities
hence creating a sense of urgency (Cialdini,
1985).

Wu, Xin, Li, Yu, & Guo (2021) and Cialdini
(2008)  defined and concluded that
Limited-Quantity Scarcity (LQS) as a
promotional offer that is made available for a
predefined quantity of a product or the
quantity of promotional discounts (Cialdini,
2008; Wu et al., 2021). Each time a
customer purchases a unit, the remaining



number of available units for purchase
decreases (Cialdini, 2008; Wu et al., 2021).
The use of inventory availability information
to highlight the scarcity effect and maximize
the marketing effect by targeting consumers.
A marketing technique that uses this strategy
known as hunger marketing is to give a
surprisingly attractive price with limited
quantity (Zhao et al., 2022). Aggarwal et al.
(2011) concluded that Limited-Quantity
Scarcity (LQS) was more effective than
Limited-Time Scarcity (LTS) in influencing
consumers’ purchase (Aggarwal et al., 2011).

Limited-Time Scarcity
Limited-Time-Scarcity (LTS) is a marketing
strategy where a product or service is offered
for a predefined period of time, after which it
becomes unavailable (Cialdini, 2008). This
strategy creates a sense of urgency and
encourages consumers to make a purchase
promptly before the offer expires. Examples
of limited-time scarcity include "buy now
before the pricing changes,” flash sales, and
implementing countdown timers (Broeder &
Wentink, 2022).

LTS is different from LQS. In the case of
LTS, a buyer simply has to meet the exact
deadline set by the seller to take advantage of
the promotional offer, rather than competing
against other buyers (Wu et al., 2021). For
instance when it comes to implementing LTS
in live shopping, consumers can view timely
updates regarding the decreasing availability
of an existing product or product voucher
because of its limited time availability, and
hence experience pressure due to the
countdown of the remaining shopping time
(Gupta et al.,, 2004). In the online
environment, there’s an easy access to a wide
array of products and relevant information is
readily available (Gupta et al., 2004). This
accessibility enhances the sense of urgency
experienced by buyers. Scarcity, as evidenced
by limited availability or time constraints,
triggers a sense of urgency among buyers,

leading to increased purchases, shorter
decision-making processes, and greater
satisfaction ~ with  products  purchased
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(Aggarwal et al., 2011). However, the
presence of a time limit on voucher usage
may drive consumers to opt for clearer and
safer e-commerce platforms (Febriandika et
al., 2023).

Demand

Demand is the consumer’s desire created by a
certain preference, need, or a reaction
towards deficiency (Bronfenbrenner et al.,
1994). Simply said, demand drives purchases
in a market economy due to production and
consumption needs which are tightly
connected to the market where they buy and
sell goods (Zhang et al., 2021). With people's
increasing focus on material possessions and
their standards of living, consumer demand is
becoming more diverse and complex (Sun et
al., 2016). As a result, the consumption of
content broadens, especially in the context of
online shopping through live streams, where
consumers are exposed to various products,
detailed explanations, and demonstrations by
online streamers (Purushothaman et al., 2016;
Liu et al, 2020). This platform allows
consumers to quickly find products that meet
their needs through influencer promotions
(Purushothaman et al., 2016; Liu et al.,
2020). Once motivated by their needs,
consumers begin searching for product
information as part of their decision-making
process (Blackwell et al., 2006). As
consumers' needs are met, their emotions
tend to stabilize (Harris et al, 2007).

In the context of live shopping demand, the
live-streaming platform can effectively
convey to consumers all the details about a
wide range of products, thereby eliminating
the need for them to go out and find this
information on their own. This streamlining
of the decision-making process for purchases
makes it possible for consumers to buy
products, regardless of their initial needs. In
the process of purchase making, the main
factor which customers are responding to is
the one which they have already experienced,
followed by the key factor which causes the
behavior of impulsive buying (Liu et al.,
2020). Also, by doing promotions, the



demand will be driven even greater (Fadhila
et al., 2023).

Convenience

Search convenience is defined by Beauchamp
and Ponder (2010) as the “speed and ease
with which consumers identify and select
products they wish to buy” (Beauchamp &
Ponder, 2010). Quoted from Seiders et al.
(2000) access convenience is “characterized
as the speed and ease with which consumers
can reach a retailer” (Seiders et al., 2000).
Various studies have stated that internet
convenience can stimulate consumers’ desire
to shop and influence impulsive buying
behavior (Brown, 1989; Dai et al., 2008). The
dimension of access convenience is one that
ranks high as an aspect of retail convenience
because if the consumer does not have access
to the retailer, then the consumer will never
be able to enjoy the service of the retailer.
The accessibility convenience was less
attractive in e-commerce compared to
modern retail (Seiders et al., 2000).

In terms of the online shopping environment,
where the store's location is irrelevant, since
consumers may shop online from any
location so long as there is an Internet
connection (Rohm & Swaminathan, 2004).
On the other hand, retailers can also use
social media to spread the word and create
awareness to help identify the appropriate
channels (Kollmann et al., 2012). Moreover,
social commerce offers convenience in
browsing various types of products, reading
online reviews, and even making selling and
buying transactions online (Rani et al., 2023).
The internet provides many instruments for
supporting retailer’s communication
capabilities including individual information
about potential clients via placing it into the
website, as well as utilizing paid advertising
to refer traffic to those websites.

Interactivity

Interactivity  refers a  mutual
responsiveness  where  something IS
considered interactive if and only if it is
responsive, does not completely control, is

to
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not completely controlled, and does not react
in a completely random manner (Smuts,
2009). Examples of interactivity in the
context of video games include players that
directly interact with the game's environment
and characters, and websites that offer an
exchange of information with users through
features like hyperlinks, feedback, and
multimedia displays (Smuts, 2009). In the
other context, internet interactivity is one
critical factor that influences consumers’
online experience, perceived enjoyment, and
their psychological situation (Akar & Topgu,
2011; Yang & Shen, 2018). Interactivity
allows consumers to still experience the
presence of purchasing something at physical
stores while purchasing online at home,
provides consumers with the enjoyment of
bargaining with the streamer during
live-streaming shopping, and also allows
consumers to experience the emerging
patterns of consumption (Xu et al., 2020).
The interactivity and liveness from the
website create the shopping presence for the
website, that affects the consumers mood,
and in turn, affects the impulse action from
customers to buy online (Ha & James, 1998;
Sedig et al., 2014). Other studies have also
confirmed that perceptual interactivity affects
consumers’ purchase intentions positively
(Kim & Park, 2013, Hwang & Oh, 2020).

For instance when it comes to the
implementation of interactivity, the pleasure
of interacting with and throughout the
website, stimulated by the quality of website
elements such as ease of use and visual
appearance, enhances the satisfaction of
online impulse buying. (Helmi et al., 2023).
Therefore, interactivity can act as a critical
factor that influences online shopping.
Customer experience and enjoyment is an
output that comes from online interactivity,
and from interactivity can positively affect
the consumer's impulse purchase.

Playfulness

Playfulness is defined as the tendency to
enjoy playful activities and interactions. It
has been found to significantly impact



consumers' purchasing decisions (Barnett,
1991; Kang et al., 2020). Playfulness greatly
influences the pre-purchase behavior of
leading consumers who are early adopters of
new products (Barnett, 1991). In the context
of live shopping, streamers need to engage
consumers with compelling content and
unique products, distinct from those in other
stores, to maintain their playful engagement
(Byun et al., 2017). Furthermore, playfulness
can be understood as the active mindset users
adopt during experiences or behaviors, and it
also plays a role in users' willingness to
engage with social media platforms, as they
create enjoyable and interactive
environments (Barnett, 2011; Chang et al.,
2015).

Within the live shopping context, the
perceived playfulness is the level of fun that
the consumers feel while they are watching
the live shopping video (Shen et al, 2022).
One of the examples of playfulness in the
context of live shopping is gamification, where
the concept of gamification can be implied to
stimulate consumers by collecting items to be
exchanged by discount and shipping costs
(Nugraha et al., 2023). Not to mention, the
external factors can include perceptions of
playfulness based on the interactive messages
and fun tasks that progressively appear on the
screen. Therefore, we could consider
gamification to be one of the attributes of
playfulness in live shopping.

Perceived Arousal

Perceived arousal is a neurophysiological basis
that underlies all processes in the human
organism, ranging to excitement from sleep
(Russell & Mehrabian, 1997). In the context of
online shopping, perceived arousal is defined
as an excited emotional state that is stimulated
by a scarcity as a promotion approach in
online shopping (Wu et al.,

2021). The stronger the consumers’ arousal
and pleasure emotion, the easier it is to make
an impulsive purchase (Koo & Ju, 2010; Liu
et al., 2018). Concentration is characterized
by high arousal, while relaxation is
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characterized by low arousal (Yang et al.,
2020). Moreover, arousal has a greater
influence on consumer behavior than
cognitive absorption (Paraman et al., 2022).
In conclusion, perceived arousal is a basis
that underlying all the processes in human
organisms that can be stimulated by
promotion in online shopping, and the
arousal characterized by the level of
concentration facilitates the process of
impulse purchase.

Perceived Enjoyment

Perceived enjoyment is based on a subjective
experience, which varies due to different
personal feelings in the same environment
(Shiau et al., 2013). Perceived enjoyment is
defined as the degree to which an individual
feels good, happy, or satisfied with a certain
situation (Eroglu et al., 2001). The human
brain can achieve the subjective sense of
enjoyment from many internal and external
factors such as needs, preferences, and
learning (Westbrook et al., 2013). Perceived
enjoyment can be emphasized and
significantly associated with impulse buying
behavior in a virtual store (Saad et al., 2015).
The uses of virtual cues can relate to high and
low tasks as an external stimuli that explore
the impact of consumers’ perceived
enjoyment and perceived usefulness on
impulsive online purchases (Parboteeah et al.,
2009). Moreover, the enjoyment of searching
for products in online stores that encourage
impulse  purchases is resulted from
convenience and entertainment (Helmi et al.,
2023). To conclude, perceived enjoyment is
based on different feelings and emotions in
the same area based on a certain situation,
and that impulse buying behavior can be
associated with perceived enjoyment. Virtual
cues can affect the internal and external
stimuli when it comes to the impact of
perceived enjoyment in impulsive online
purchase.

Impulse Purchase

Impulse purchase in online shopping is
defined as an immediate and unplanned
transaction without prior intentions (Piron,



1991; Burton et al., 2018). This occurs when
strong emotional desires arise suddenly,
characterized by low cognitive control
(Piron, 1991; Burton et al., 2018). The more
positive the emotional state, such as
enjoyment or pleasure, the greater the
influence on consumers' impulse purchase
(Saad et al., 2015). Research on online
impulse purchases often examines the impact
of website cues, with increased buying urges
leading to more frequent impulsive buying
behavior (Chan et al.,, 2017). Moreover,
Indonesians have shown a tendency to make
impulse purchases on social media or other
online marketplaces (Helmi et al., 2023).
Overall, impulse purchasing stems from
reactive actions influenced by cues that
create urges, particularly in the online
shopping context.
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Conceptual Model

Figure 2 depicts a conceptual model of the
S-O-R model used as a basis framework,
starting from the stimulus that include
limited-quantity scarcity, limited-time
scarcity, demand, convenience, interactivity,
and playfulness as the starting variable,
continuing to the organism that cover the
perceived arousal and perceived enjoyment
as mediating variables, and ended in the
response that is impulse purchase as the final
variable. Throughout this study, the validity
variables would be tested to prove the
hypothesis, hence the eligibility of the
conceptual model. Also, the conceptual
model will be utilized in this study to assist
the discovery of new findings.

Figure 2. Conceptual Model

—Organism

Hypothesis Development

In the context of scarcity, offering products in
limited quantities can arouse and stimulate
buyers because it requires them to compete
with other buyers to acquire the products
(Zheng et al., 2013; Guo et al., 2017). Also, it
is proven from previous research that
suggests limited quantity products offered in
flash sales can positively impact the attitudes
toward the flash sale (Vannisa et al., 2020).
Moreover, the limited quantity of products
can ignite the competition among buyers and

trigger them to win the competition, which is
achieved by successfully acquiring or
purchasing the limited products (Wu et al.,
2020). Therefore, this research proposes H1
to test and validate the positive impacts of
limited-quantity  scarcity and perceived
arousal.

H1: Limited-quantity scarcity is positively
related to perceived arousal.



Limited time duration in a flash sale can
positively affect the attitudes toward that
sale. (Vannisa et al., 2020). Also, limited time
promotion has a unique appeal because it is
only available for a specific duration and
buyers tend to feel enthusiastic and excited
towards the limited time promotions (Guo et
al.,, 2017; Mou & Shin, 2018). In online
shopping, buyers often feel the pressure of
time as they should make up their minds
quickly in order to avoid missing out on the
desired products which are going to be out of
stock (Wu et al., 2021). This psychological
arousal level rises as the deadline approaches,
which Wofford's research shows to be the
case (Wofford, 2001) Therefore, this research
would like to test out H2.

H2: Limited-time scarcity
related to perceived arousal.

IS positively

In the context of mobile shopping platform
characteristics, demand is proven to be acting
as a significant stimulus that affects
perceived enjoyment (Liu et al., 2020). In
contrast, the demand of a product to be
purchased Dby innovative consumers is
positively increased by the perceived
enjoyment of shopping (Byun et al., 2017).
Also, the buyer's emotions will improve once
their demands are satisfied (Harris &
Shiptsova, 2007). Moreover, consumers feel
the desire and have the demand for a specific
product through external environmental
stimuli, which they will be motivated,
leading into eventual consumer behavior (Lin
et al., 2022). Therefore, this research
proposes H3.

H3: Demand is
perceived enjoyment.

positively related to

Research has demonstrated that by offering
greater  convenience, companies  can
effectively encourage consumers to purchase
their products, thereby enhancing the overall
shopping experience and satisfaction of
consumers (Brown, 1989). Live shopping is
the Dbest solution to consumers' time and
space limitations, which means that
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consumers can now have real convenience.
Hence, the buyers may feel a sense of
relaxation when they buy online, eventually
making the whole shopping experience more
enjoyable for them (Gao et al., 2023). Also,
researchers have noted that convenience
plays a significant role in influencing the
frequency, volume, and monetary value of
consumer purchases (Harris et al., 2007).
According to a study, playfulness is a factor
that affects early adopters' readiness to
pre-order novel products (Byun et al., 2017).
The presenter of live shopping focuses on the
creation of compelling material and the
introduction of new products that will
increase the level of playfulness. A happy
mood is essential for influencers to build, as
consumer satisfaction is the main factor that
determines their participation on the platform
(Lin et al., 2022). Hypothesis H4 is suggested
to test the validity of prior studies.

H4: Convenience is positively related to
perceived enjoyment.

In the context of human interaction in a
digital and social landscape, interactivity has
proven to enable users to sense the social
support through the interactions with others,
which increases their enjoyment (Rogers,
2017). In the context of live shopping,
interactivity enables consumers to replicate
the in-store shopping experience from the
comfort of their homes, affording them the
pleasure of negotiating with the streamer
during live-streaming shopping sessions, and
facilitating engagement  with  evolving
consumption trends. (Xu et al., 2020).
However, certain scholars have discovered that
interactivity in the realm of social interaction
does not significantly impact customers'
perceived enjoyment (So et al.,

2021). In contrast, others contend that
interactivity ~ contributes to  customers'
positive emotional states (Shugair et al.,
2019; Lyu et al., 2018). As a result, the
correlation was found to be questionable and
additional empirical research is required to
check whether it is valid in the context of live
shopping and  e-commerce  impulse



purchases. Thus, considering prior studies,
the below hypothesis is proposed.

H5: Interactivity is positively related to
perceived enjoyment.

Perceived enjoyment, as related to a live
shopping service system, refers to the degree
of enjoyment that individuals experience
when interacting with a system (Sun et al.,
2008). In the context of live shopping, the
streamer's focus is on how to attract the
consumers with engaging content and to
deliver something unique, which in turn will
improve the customer's experience more
enjoyable (Lin et al., 2022). Previous studies
also found how important it is for users to
enjoy their experience, making enjoyment to
be the determining factor when considering
how playful something feels, and have found
similar results across different situations
(Hung et al., 2016). Moreover, playfulness
could impact users’ willingness to engage in
social media and enjoy an interactive
atmosphere (Chang et al., 2015). The
interactive and playful environment could
make the buyer’s reach the enjoyable
emotional state. Therefore, this research
proposes hypothesis H6.

H6: Playfulness is positively related to
perceived enjoyment.

By conceptual definition, impulse purchase is
“an unplanned purchase, difficult to control,
and followed by an emotional response”
(Verplanken & Sato, 2011). Discussing in the
context of emotion and emotional response,
according to Cognition Emotion Theory,
emotion (such as emotional arousal) and
cognition is linked to impulsive purchase
because cognition influences emotions (Xia
et al., 2022). Thus, arousal that is perceived
by one could be linked with an unplanned
purchase or impulse purchases. Researchers
also discovered that positive effects such as
arousal and pleasure have significant positive
effects on the urge to impulse buying (Shen
& Khalifa, 2012). In contrast, the sensation
of being aroused or stimulated to buy
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products can also occur due to worries about
not being able to acquire the same offer next
time (T. Y. Chen et al., 2021). Moreover,
Brand advertisements, micro-celebrities, and
user generated contents are also proven to be
perceived as inducing positive emotions such
as pleasure arousal, resulting impulse
purchases (Djafarova et al., 2021). Thus,
arousal that is perceived by one could be
linked with an unplanned purchase or
impulse purchases. To test the impact of
perceived arousal towards impulse purchase,
the following hypothesis is made.

H7: Perceived arousal is positively related to
impulse purchase.

Increased perceived enjoyment has effects on
online impulse purchase (Parboteeah et al.,
2009; Ayub and Zafar, 2018; Zhang et al.,
2018; Handayani et al., 2018; Wu et al.,
2020). Also, if the consumers are in an
enjoyable emotional state, they are inclined
to take immediate purchases (Parboteeah et
al., 2009; Chan et al., 2017; Hassan et al.,
2019). In contrast, consumers with greater
enjoyment are more likely to create a positive
brand impression, which is likely to result in
online impulse purchase (Liang et al., 2021).
Customer’s enjoyment is one of the key
factors to focus especially in live shopping
because previous studies found that it could
lead to impulse purchase. Therefore, this
research proposes hypothesis H8.

H8: Perceived enjoyment is positively related
to impulse purchase.

METHODS
Research Types and Designs
This research is conducted using a

guantitative approach, where the researcher
will utilize numerical data as an analytical
tool. Research data is collected through
questionnaires administered to respondents
who meet the sample criteria.  The most
appropriate approach of research in terms of
fit to this study is the correlation research.
Correlation studies consider associations
between variables. This is commonly used in



determining the nature and extent of
associations between different elements. This
study requires correlational research which
will be done by investigating relationships
between several stimuli variables such as
limited-quantity scarcity, limited-time
scarcity, demand, convenience, interactivity,
and playfulness of social commerce, with
several organism variables such as perceived
arousal and enjoyment or perceived risk. This
enables us to measure the magnitude and
nature of such associations.

This study is enhanced through correlations
by using a cross-sectional research design. In
a cross-sectional design, essential
information is collected from a group of
people with reference to a unique moment
and a survey-based study is conducted
focusing on the experience, perceptions and
actions of individuals while participating in the
live shopping session. This structure is
convenient to explore the relationships and
correlations between variables within one
snapshot in terms of live shopping.

Data Collection Method

Surveys and questionnaires will be used as
the main data collection methods of this
quantitative study. it constitutes as one of the
popular tools for securing quantitative
information while conducting social and
behavioral studies (Malhotra, 2010). Thus,
Researchers can use this method to get
information on participant’s perceptions,
attitudes, and behaviors. The survey and
questionnaire will be in a Likert scale format,
which is a common survey tool appropriate
for measuring degrees of agreement with a
statement, answered with a scale (Allen &
Seaman, 2007). For example, on a scale of
1-5 or 1-7, with 1 being strongly disagree and
7 being strongly agree (Allen & Seaman,
2007). The questionnaire in this study is used
to collect data regarding the perceptions,
experience, and Dbehaviors from the
respondents towards Live Shopping sessions.
These surveys shall comprise of questions
targeting different variables in this study.
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Data collection methods involve selection
depending on research purposes and
availability. Surveys and questionnaires are
appropriate methods to collect self-reports on
respondents’  perceptions, attitudes and
behaviors which can test the
above-mentioned hypotheses. Furthermore,
secondary data analysis could be used
alongside the survey based data as it helps to
enrich the insights gained from the research
questions.

To start, researchers collect data by analyzing
the existing data from official statistical
websites to find information and to enrich
and support the information received. From
there, collection of data can proceed by
utilizing surveys and questionnaires. The last
step would be to finalize the data collection
method as well as cross-examining different
insights from both data to maximize the
output.

In conclusion, combined use of surveys and
questionnaires, analytics from websites, and
existing data sources would be best fit for the
quantitative research study proposed in this
paper. It provides a robust basis for testing
hypotheticals regarding scarcity, demand,
convenience, interactivity,  playfulness,
perceived arousal, perceived enjoyment, and
impulse purchase.

Development of Research Instruments

The research instrument for this study would
be utilizing surveys and questionnaire
studies. Data collection will revolve around
the participants’ perception, experience and
behaviors towards live shopping programs
through these instruments. These surveys and
questionnaires would contain various types of
questions related to issues such as time
limitation, quantity limitation, demand,
convenience, interactivity, playfulness among
others. The use of Likert scales and numeric
responses allow participants to quantify their
level of agreement to variables. Here is an
in-depth explanation of the instruments used,
including the steps involved in the research
process:



Instrument: Surveys and Questionnaires

Purpose: Self-reported data are mostly
collected through surveys and questionnaires.
The tools are crucial in assessing consumers’
views, opinions and actions pertaining to

experiential  buying on livetop and
spontaneous buying online.

Steps in the Research Process:

instrument  Development: A borrowed

structured survey or questionnaire from Wu
et al (2021) and Lin et al (2022) is used to
process and initiate the research which
generates information on different variables
such as limited gquantity scarcity, limited time
scarcity, demand, convenience, interactivity,

playfulness, perceived arousal, perceived
enjoyment, and impulse purchase in
consumers.

Pilot Testing: It is essential to conduct a
pilot-test among a few respondents prior to
implementing a survey on the targeted
population. The aim of pilot testing is to assess
the clarity, understandability, and efficiency of
the survey questions. From there, any
feedback received during the pilot test is used
to carry out any revisions needed in the
process or materials used to optimize the
survey.

Participant Recruitment: Participants are
selected at random within a chosen,
represented population in order to create a
representative  sample. Research design
involves a selection of sample size and
demographic parameters.

Data Collection: The participants are given a
survey. The choice of data collection method
would determine the approach; this could
range from online surveys, paper-based
questionnaires or interviews. It is essential
that the participants are required to answer
the questions sincerely and truthfully.

Data Entry and Management: The collected
data is then inserted into either a database or in
statistical software where it is analyzed.
Cleaning the dataset from any duplicates or
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anomalies and putting it together in an
orderly manner leads to accurate data
presentation and interpretation.

Statistical Analysis: In order to establish the
validity of the research hypotheses, different
statistical procedures such as correlation
analysis, regression analysis, as well as
structural equation modeling are
implemented to analyze the data. The study
investigates the correlations between  the
independent variables (i.e., limited-quantity
scarcity, limited-time scarcity, demand,
convenience, interactivity, playfulness) with
the dependent variables (perceived arousal,
perceived enjoyment, impulse buying).

Results Interpretation: This is how the results
from the statistical analysis are used to
establish whether the correlation is strong or
weak, as well as in which direction. It seeks
to confirm that limited-quantity scarcity,
limited-time scarcity, demand, convenience,
interactivity, and playfulness component do
influence  perceived arousal, perceived
enjoyment, and impulsive purchase in
support of the SOR Model.

By combining these instruments with the
specific sets of the research steps, the
researcher ends up with a dataset that is a
product of both subjective and objective
perspectives of consumers during live
shopping. Adopting this comprehensive
approach will ensure the study tests the
hypotheses thoroughly and gives useful
information about the scarcity, demand,
convenience, interactivity, playfulness,
perceived arousal, and perceived enjoyment
of e-commerce impulse purchase using the
S-0O-R Model.

Sampling Procedure

Population and Sample

In this case, the sample population would be
Indonesian e-commerce users within the
Jabodetabek Area who are customers to live
shopping. The live shopping feature entails
using live video streaming, chat or any other
feature of interaction between sellers and



customers is one of the forms of e-commerce
that has become popular lately. The
population would be subdivided into groups
based on factors such as age, sex, or place.

A subgroup of a particular population that is
subjected to study is referred to as a sample.
For this reason, the sample would be
composed of Indonesian live shopping
customers within the Jabodetabek Area who
can serve as representatives of all the
members of the population being studied.
However, it is important that the sample
should be sufficiently representative and
statistically sound in terms of size with
respect to reliability as well as manageable
with regards to time, availability of
resources, and collection of data. To
determine the right minimum sample size,
this study uses the 10 to 20-times rule. The
sample-to-construct ~ or  variable  ratio
indicates that there should be at least where a
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ratio of 10:1 or 20:1 is preferable (Hair et al.,
2018). This means that while a minimum of
five respondents per independent construct is
necessary, having 10 to 20 observations per
construct is strongly advised. In this study,
we will use a 20:1 ratio to ensure higher data
accuracy. The formula below would be used
to determine the minimum sample size:

Sample Size (n) = 10 to 20 (Number of
Construct)

Using the number of constructs in the model,
the calculation for the minimum sample size
of this study would be n=109 or n=209.
Which means that the sample size should be
at least 90 or 180 users from the population.
Hence, this study set the sample size of 385
users from the population to achieve the
desired level of precision and confidence level.

Tablel.ResearchPopulation&Sample

Population

Sample

All users of live shopping platforms residing

in the Indonesian Jabodetabek Area that
made purchases on a social commerce
platform through live shopping activities
within one week prior.

385 users of live shopping platforms
residing in the Indonesian Jabodetabek
Area that made purchases on a social
commerce platform through live shopping
activities within three months prior.

Sampling Method

Sampling is the process of selecting a
sufficient number of elements from a
population so that the results of the analysis
of that sample can depict the characteristics
of the population in general (Malhotra,
2010). According to Malhotra (2010),
sampling techniques can be categorized into
probability sampling and non-probability
sampling.

Regarding the sampling of live shoppers in
Indonesia, a non-probability method may be
used. Unlike probability sampling which uses
a random selection, non-probability sampling
does not involve the use of a random
selection process and cannot offer assurance
that each member of the population's chance
to be chosen for inclusion in a sample would
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be even. Actually, it is the determination of
the  researcher.  According to some
non-probability sampling techniques, such as
judgmental sampling, convenience sampling
and quota sampling, the sample may be a
stream of data from a computer, television or
radio composed of waves in different
directions. These techniques are usually
chosen based on the nature of research and
available resources, and representativeness if
needed.

The live shopping for Indonesian customers
is called customer means all of the viewers
who participated in live streaming. However,
that is not the case. The group chosen to be
involved in the research would consist of a
subsample taken from this population.



Convenience sampling is a non-probability
sampling technique where researchers select
participants based on their accessibility and
availability, rather than using random or
systematic methods to ensure representation
of the target population. Distinguishing
between probability and non-probability
sampling, MacNealy (1999) defined a
convenience sample as a sampling technique
that requires the researchers to go to the
public "locations and ask passersby to
participate” (MacNealy, 1999).

The advantage of convenience sampling lies
in its simplicity and speed. It allows
researchers to quickly gather data from a
readily available pool of respondents, which
can be particularly useful in situations where
time is of the essence or when the goal is to
gain initial insights rather than to make
generalizable conclusions. Here are the
reasons why convenience sampling is
appropriate for this research:

i.  Time and cost efficiency: convenience
sampling allows for rapid data
collection, which is crucial when
studying live shopping impulse
purchases, where timely insights are
essential to understand consumer
behavior. This method saves time and
resources, which can be significant
when conducting research in a large
and diverse market like Indonesia.

ii.  Accessibility and availability:
convenience sampling leverages the
accessibility of participants who are
readily available and willing to
participate in the study. This is
particularly relevant in Indonesia,
where the use of live streaming for
shopping is becoming increasingly
popular, and many consumers are
already engaged in this form of
shopping. This method ensures that the
researcher can easily reach and gather
data from a pool of participants who
are familiar with live shopping.

Flexibility and adaptability:

convenience sampling is flexible and
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adaptable, allowing researchers to
adjust  their  sampling  strategy
according to the needs of the study.
This is important in Indonesia, where
the live shopping landscape is
constantly evolving, and researchers
need to be able to quickly respond to
changes in consumer behavior and
preferences.

Studies seeking to represent the diverse
perspectives within a population need to
understand that quota sampling is pragmatic
(Neuman, 2014). Rationally selected
participants, based on predefined quotas for
gender and age, appropriately meet the
study's goals, providing an excellent
environment for doing research related to
scarcity, convenience and interactivity in live
shopping.

Statistical Test Procedures

1. Reliability Test
Reliability is the degree of consistency of
an instrument. In other words, a reliable
instrument is that which gives identical
scores at all times (Kerlinger, F. N., 2000).
Reliability test of a measurement scale
would be done to confirm the consistency
and stability of the instrument used. This
may include examining the test-retest
reliability, internal consistency reliability,
and inter-rater reliability of the survey or
questionnaire used in obtaining data from
the respondents.

After collecting data, researchers checked
the normality, reliability, and validity data
of responses in order to determine whether
such data was suitable for data analysis
and results determination. The skewness
and kurtosis values were in the limits.
Factor analysis and Cronbach Alphas for
content and construct validity were also
performed to establish reliability.

As a form of evaluating the measurement
model, Cronbach’s alpha would be
assessed for content and construct validity,
as well as the reliability. Cronbach's alpha,



as defined by Fornell and Larcker (2006),
is a measure of internal consistency that
assesses the degree to which a set of items
measures the same underlying construct
(Fornell & Larcker, 2006). A high
Cronbach's alpha indicates that the items
are consistent and reliable in measuring
the same construct (Fornell & Larcker,
2006). The range of Cronbach's alpha
values is typically interpreted as follows:
0.7 to 0.9 values are considered to be
having a good reliability score.
Meanwhile, 0.6 to 0.7 values are
considered to be an acceptable reliability
score. However, the value below 0.5
would be an unacceptable reliability value,
hence not being considered (Nunnally,
1994).

Composite Reliability (CR) is intended to
determine the consistency of the construct
validity indicator. A composite reliability
of 0.70 is a recommended amount (Hair,
1997). Meanwhile, Fornell and Larcker
(1981) recommended a CR value of 0.60
or more as an acceptable value (Fornell &
Larcker, 1981).

2. Validity Test

Validity is the measure of the accuracy of
an instrument used in a certain study (Linn
et al., 2000; Stewart et al., 2009). Validity
testing is necessary for the proper
measurement of the elements being
measured by the survey and measurement
items or tools. It is crucial to measure the

validities of limited-quantity scarcity,
limited-time scarcity, demand,
convenience, interactivity, playfulness,

perceived arousal, perceived enjoyment,
and impulse purchase behavior in this
study. Validity tests could be conducted on
measurement tools or instruments used in
the study to ensure that it accurately
measured what it was intended for. This
consists of checking for content validity,
construct validity, and criterion validity of
the survey or questionnaire that gathers
information from the subjects (Linn et al.,
2000; Stewart et al., 2009). This study
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uses KMO (Kaiser-Meyer-Olkin)
measurement and AVE (Average Variance
Extracted) for validity testing.

KMO (Kaiser-Meyer-Olkin)
measurements are used for factor analysis
to calculate the sampling adequacy of each
variable in the model (Kaiser & Rice,
1974). The Kaiser-Meyer-Olkin (KMO)
measure checks if the data is suitable for
factor analysis. It tells if the variables
share enough common variance to make
factor analysis worthwhile. A higher KMO
value means factor analysis is a good choice
for your data. If the KMO value is between
0.5 and 0.6, it is considered as a mediocre
yet an acceptable value. However when
the value is below 0.5, it is considered to
be unacceptable (Kaiser & Rice, 1974).

In constructs validity, four sizes have been
used, i.e. Convergent Validity, Variance
Extracted,  Construct  Validity, and
Discriminant Validity (Hair et al., 1998;
Ferdinand et al., 2002; Dimitrov et al.,
2003; Hwang et al., 2004; Ghozali et al.,
2004; Arbuckle et al, 2010; Hisyam, 2010;
Idris, et al., 2010; Lawson et al., 2010). In
this study variance extracted is measured
and determined by the AVE (Average
Variance Extracted), the recommended
AVE score is greater than 0.5 (Fornell &
Larcker, 1981). Average Variance
Extracted (AVE) is used to check if a set
of survey questions or items accurately
measures the main idea or construct. It
helps determine if the items are doing a
good job of representing the concept
without too much error. To test the construct
validity and evaluate the theories through
the validity of measurement instruments
(indicators & constructs), this study utilized
EFA  (Exploratory Factor  Analysis)
(Mulaik, 1987). EFA is utilized when the
number of factors and the associations
between items and factors are unknown,
whereas CFA is employed when there is a
well-established theory regarding the factor
structure (Mulaik, 1987). EFA



helps identify the hidden factors or themes
that explain the patterns of the data,
especially when it’s not known how many
factors there are or how they are
structured. The numbers measured on EFA
would be the factor loading. Hair et al.
(1998) provided guidelines for interpreting
factor loadings: +0.30 as minimal, +0.40
as important, and *0.50 as practically
significant. If no correlations exceed 0.30,
the researcher should reconsider whether
factor analysis is the suitable statistical
method to use (Hair et al., 1998).

3. Goodness of Fit Test

To test the model using reliability and
validity testing, measurement model fit is
conducted. The definition of measurement
model fit in structural equation modeling
(SEM) is the degree to which the
model-implied covariance matrix matches
the sample covariance matrix and it
determines how well the model reproduces
the observed data and is a crucial aspect of
model evaluation (Goretzko et al., 2023).
Measurement model fit indices are
separated into three measures: Absolute
Fit Measure, Incremental Fit Measure, and
Parsimonious Fit Measure (Hooper et al.,
2008).

Absolute Fit Measures determine how well
a model fits the sample data and
demonstrates which proposed model has the
most fit (McDonald & Ho, 2002). The
Absolute Fit Measures used in this study
would consist of CMIN/DF in the range of
2-1 or 3-1 are indicative of an acceptable
fit between the sample data and the
hypothetical model (Carmines & Mclver,
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1981). Also, Root Mean Square Error
Approximation (RMSEA) with a level of
acceptance < 0.08, and Goodness of Fit
Index (GFI) with a level of acceptance >
0.90 (Bentler & Bonett, 1980).

Incremental Fit Measures are a group of
indices that don’t use the chi-square in its
raw form except it compares the
chi-square value to a baseline model
(Hooper et al., 2008). In this study, the
Incremental Fit Measures would consist of
Adjusted Goodness of Fit (AGFI) with a
level of acceptance of > 0.90, Comparative
Fit Index (CFI) with a level of acceptance
> 0.90, Tucker-Lewis Index (TLI) with a
level of acceptance of > 0.90, and Normed
Fit Index (NFI) with a level of acceptance
of > 0.90 (Bentler & Bonett, 1980).

Parsimonious Fit Measures tend to be fit
indices from other categories adjusted to
favor parsimonious models than complex
model (Stone, 2021). Parsimonious Fit
Measures in this study would be utilizing
Parsimonious Goodness of Fit Index
(PGFI). The PGFI is based upon the GFI
by adjusting for loss of degrees of freedom
(Hooper et al., 2008). Parsimonious
Goodness of Fit Index has a level of
acceptance of > 0.50 (Bentler et al., 1980).

The Goodness-of-Fit (GOF) in a statistical
model is used to describe how well the
model fits into a set of observations
(Olivares & Forero, 2010). GOF is
commonly used in indexes, redundancy or
communality, and refers separately to the
reconstruction of the structural model and
the measurement model (Tenenhaus et al.,
2004).

Table2.GoodnessofFitindicesForTheMeasurementModel

Level of
Name of Index Full Name evel o
Index Acceptance
CMIN/DF Minimum Discrepancy P>0.05

Absolute Fit

Function by Degrees of

Freedom divided
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RMSEA Root Mean Square Error < 0.08
Approximation

GFI Goodness of Fit Index >0.90

AGFI Adjusted Goodness of Fit > 0.90

CFlI Comparative Fit Index >0.90
Incremental Fit

TLI Tucker-Lewis Index >0.90

NFI Normed Fit Index >0.90
Parsimonious Fit PGFI Parsimonious Goodness >0.50

of Fit Index

As a form of evaluating the measurement
model, Table 3 is used to further validate if
the model suits the parameters and level of
acceptance.

RESULTS AND DISCUSSION

Pilot Test Result

To test the validity of each indicator and
ensure there is no misunderstanding of the
meaning of each variable being tested, a
quantitative pilot test is done with more
than 10% number of samples through an
initial survey (Connelly, 2008). The pilot
test done in this study involved 150
informants residing in the Indonesian
Jabodetabek Area who made purchases on
a social commerce platform through live
shopping activities within three months
prior.

The survey process was conducted through
giving the informants a chance to answer
whether each indicator was clear and
understood or not, and if not, giving them
a chance to explain what needs to be
improved. Informants from this pilot test
were asked how they perceive the meaning
of the 27 indicators. The indicators
presented to the informants were translated
into Bahasa Indonesia. This allows
researchers to have a better understanding
about how the respondents understand
each indicator and whether the meaning of
the indicators would align with the true
meaning of each indicator.

In general, 3 out of 27 indicators were
revised based on the results of the pilot
test, as explained in Table 3. Pilot Test
Survey Result.

Table 3. Pilot Test Survey Result

Initial Revised
. Original Indicator Indicator Indicator
Variable Code (English) (Bahasa (Bahasa Remarks
Indonesia) Indonesia)
Limited-Quantity  LQS2 | perceive that, Saat Saya merasa The words
Scarcity currently, product berbelanja bahwa saat ini, “live
availability on the live shopping,  ketersediaan streaming” and
platform is low. saya produk di “live shopping”
mendapatkan  platform live were redundant
persepsi streaming and repetitive.
bahwa saat ini  sedikit. To simplify the

ketersediaan
produk di

indicator, some
of the words
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platform live are removed.
streaming
rendah.

Demand ND1 The process of Proses Proses “Live stream”
watching the live menonton live  menonton live  was not fully
stream makes me want  stream shopping describing the
to own the item. membuat saya membuat saya  whole process

ingin memiliki  ingin memiliki  of shopping.

barang barang Hence, “live

tersebut. tersebut. shopping” was
used to replace
it.

Impulse Purchase  IP1 I will buy it quickly Saya akan Saya akan The word
when | see something |  segera segera membeli  “membelinya”
like. membelinya di platform live s too broad

ketika saya shopping ketika and open-ended

melihat saya melihat to interpret.

sesuatu yang sesuatu yang Hence, the

saya suka. saya suka. word “di
platform live
shopping” is
added.

Validity Test Analysis

The results of the research’s KMO score and
average variance extracted value are shown
on Table 1V-3. Referring to Kaiser and Rice
(1974), If the KMO (Kaiser-Meyer-Olkin)
value is between 0.5 and 0.6, it is considered
as a mediocre yet an acceptable value.
However when the value is below 0.5, it is

considered to be unacceptable (Kaiser &
Rice, 1974), the KMO score Referring to
and Larcker
recommended AVE score is greater than 0.5

Fornell

(Fornell & Larcker, 1981).

Table4.ValidityPilotTestResults

(1981),

Average Variance

Variable Code Factor Loading KMO Score Extracted (AVE)
LQS1 0.792
Limited-Quantity LQS2 0.796 0.641 0.511
Scarcity
LQS3 0.521
LTS1 0.593
Limited-Time LTS2 0.674 0.663 0.388
Scarcity
LTS3 0.598
ND1 0.607
ND2 0.734 0.681 0.467
Demand
ND3 0.702
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Cv1 0.696

Convenience cv2 0.719 0.693 0.471
Cvi 0.642
IT1 0.442

o IT2 0.594 0.616 0.305

Interactivity

IT3 0.605
DL1 0.626

Playfulness DL2 0.718 0.685 0.454
DL3 0.674
PE1 0.760

Perceived Arousal PE2 0.781 0.715 0.560
PE3 0.702
PA1 0.814

Perceived PA2 0.759 0.732 0.645

Enjoyment

PA3 0.834
IP1 0.744

1P2 0.845 0.705 0.611

Impulse Purchase

IP3 0.751

Based on the data shown in Table V-3, each
variable has a KMO value above 0.5.
Therefore, it can be concluded that all
indicators to be used in the main test are valid
and suitable for further testing.

On the other hand, the test also shows the
average variance extracted (AVE), which
results in limited-quantity scarcity, perceived
enjoyment, perceived arousal, and impulse
purchase having convergent validity because
their AVE value is greater than 0.5. However,
the AVE result in the pilot test also shows
limited-time scarcity with a score of 0.388,
demand with a score of 0.467, convenience
with a score of 0.471, playfulness with a
score of 0.454, and interactivity with a score
of 0.305 indicates that these constructs do not
have convergent validity.

To further test the validity of the pilot test
data, according to Hair et al. (1998), £0.30
factor loading score is categorized as
minimal, +0.40 as important, and +0.50 as
practically significant. Correlations need to
exceed 0.30 to ensure that factor analysis is the
suitable statistical method to use (Hair et al.,
1998).

The factor loading results in Table IV-3
clearly show that most measured variables
have strong and meaningful loadings,
adhering to guidelines by Hair et al. (1998).
These guidelines suggest that loadings of
+0.30 are minimal, £0.40 are important, and
+0.50 are practically significant. In our
dataset, all loadings exceed the +0.50 mark,
except for a few, indicating their practical
significance and confirming that factor
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For example, loadings for the
Limited-Quantity Scarcity variables range
from 0.521 to 0.796, while the Limited-Time
Scarcity loadings range from 0.593 to 0.674.
Demand variable loadings range from 0.607
to 0.734, and Convenience has loadings
between 0.642 and 0.719. The Interactivity
variable shows loadings between 0.442 and
0.605, and Playfulness ranges from 0.626 to
0.718. Other variables, such as Perceived
Arousal, show loadings from 0.702 to 0.781,
and Perceived Enjoyment stands out with the
highest loadings, ranging from 0.759 to
0.834. Finally, the Impulse Purchase variable
has loadings between 0.744 and 0.845. These
results confirm factor analysis as a suitable
method for this study, demonstrating the
reliability and convergent validity of the
constructs measured.

In general, three out of 27 indicators were
revised based on the results of the pilot test,
as detailed in Table IV-1. This table outlines
the original indicators and their revised
versions. For instance, the limited-quantity
scarcity indicator (LQS2) was revised to
eliminate redundant terms, while the demand
indicator (ND1) was adjusted to more
accurately reflect the shopping process. The
impulse purchase indicator (IP1) was also
modified for clarity.
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In the pilot test, some indicators showed
lower loadings, which necessitated revisions.
These improvements ensure that the
measured  variables are reliably and
accurately represented in the main test. The
refined indicators not only boosted the factor
loadings but also provided clearer and more
precise measurements, enhancing the overall
quality of the research instrument.

Reliability Test Analysis

In this study, a reliability test is done by
calculating Cronbach's alpha values and
composite reliability (CR) score. The range
of Cronbach's alpha values and their
corresponding levels of reliability are as
follows:

e 0.7 to 0.9 values are considered to be
having a good reliability score.

e 0.6 to 0.7 values are considered to be
an acceptable reliability score.

e \alue below 0.5 would be an
unacceptable reliability value, hence
not being considered (Nunnally,
1994).

On the other hand, A composite reliability of
0.70 is a recommended amount (Hair, 1997).
Meanwhile, Fornell and Larcker (1981)
recommended a CR value of 0.60 or more as
an acceptable value (Fornell & Larcker,
1981). If other reliability measures show
good acceptable results the value of 0.5 for
composite reliability is acceptable (Ghozali
& Latan, 2015).

Tableb5.ReliabilityPilotTestResults

Variable Total Cronbach’s Compqs_ite

Indicator(s) Alpha Reliability
Limited-Quantity Scarcity 3 0.787 0.752
Limited-Time Scarcity 3 0.681 0.654
Demand 3 0.758 0.723
Convenience 3 0.767 0.727
Interactivity 3 0.584 0.564
Playfulness 3 0.756 0.713
Perceived Arousal 3 0.831 0.792
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Perceived Enjoyment 3

Impulse Purchase 3
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0.876 0.845

0.851 0.824

In this study, reliability was assessed using
Cronbach's alpha and composite reliability
(CR) scores. The Cronbach's alpha values for
the variables range from 0.584 to 0.876.
Limited-Time Scarcity, with a Cronbach's
alpha of 0.681, falls within the acceptable
reliability range (0.6 to 0.7). The following
variables; Limited-Quantity Scarcity,
Demand, Convenience, Playfulness,
Perceived Enjoyment, Perceived Arousal,
and Impulse Purchase all have Cronbach's
alpha values exceeding 0.7, indicating good
reliability. On the other hand, the Interactivity
variable has a Cronbach's alpha of 0.584,
which is considered acceptable but on the
lower end of the spectrum. According to
Nunnally (1994), values below 0.5 are
unacceptable, but none of the variables in this
study fall into that category.

The composite reliability (CR) scores for the
variables also indicate good reliability, with
all scores above the recommended threshold of
0.70 (Hair, 1997) and the acceptable threshold
of 0.60 (Fornell & Larcker, 1981). The CR
scores range from 0.564 for Interactivity to
0.845 for Perceived Enjoyment. While
Interactivity has the lowest CR score at
0.564, it is still within the acceptable range if
other reliability measures show good results
(Ghozali & Latan, 2015). All other variables
have CR scores well above 0.70, indicating
strong internal consistency and reliability. This
comprehensive reliability assessment ensures
that the measurement instruments used in the
study are consistent and stable.

Main Test Result

The questionnaire used for this research
begins with a brief introduction to the
proposed survey. This is followed by filtering
questions related to the purchasing activity
with live shopping criteria for the sample,
which is whether the respondents bought
something through live shopping within three
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months prior, answered with  the response
options of yes or no. Following on the
question, respondents were asked regarding
one specific platform that they are used to do
live shopping during, the response options
being Shopee, TikTok Shop, Lazada,
Tokopedia, and others. The last filtering
question is the domicile of the respondent
with the response option of
“JABODETABEK” (Jakarta, Bogor, Depok,
Tangerang, and  Bekasi) or  “luar
JABODETABEK” (outside of  the
JABODETABEK area).

The main section is divided into several other
sections of the questionnaire consisting of
questions about stimulus factors such as
limited-quantity  scarcity in section 2,
limited-time scarcity in section 3, demand in
section 4, convenience in section 5,
interactivity in section 6, playfulness in section
7, perceived arousal in section 8, perceived
enjoyment in section 9, and impulse
purchase in section 10. These three main
sections used a 5-point Likert scale, ranging
from strongly agree (5) to strongly disagree
(1) (Likert, 1932).

The final section of the questionnaire
includes questions for profiling respondents,
such as gender, age, occupation, last
education level, expenditure, frequency, and
category chosen during live shopping. These
are crucial data points to assess whether the
sample collected can adequately represent the
target population for generalization.

The researchers used SPSS/AMOS to analyze
the main test results after data cleaning.
Briefly, the researchers measure the indices
for confirmatory factor analysis. The
goodness of fit test was deemed acceptable to
continue hypothesis testing. Five of eight
hypotheses were accepted.

General Description of Respondents



In this study, the total amount of valid
answers from respondents that match the
criteria is 385. An overview of the
demographic data of the valid respondents is
presented in Table 1V-5, which shows the
frequency and  percentage of each
demographic item. For the gender dimension,
this study obtained samples of 24.7% male
and 75.3% female respondents. However, for
age, most of the sample consists of
respondents in the 15 to 14-year age range.
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The range of expenditure for monthly live
shopping with 24.2% respondents answers
700,000 to 1,000,000 rupiahs, and 38.7%
respondents with the live shopping frequency
of 1 product purchased each month. Most of
the valid respondents in this study have
completed their education at the high school
or undergraduate level. The occupation of our
respondents mainly are employed as workers.
The last variable to describe the respondent is
the category of product that is frequently
bought in live shopping, which is fashion.

Table6.RespondentDemodraphicTable

Dimension Item Frequencies Percentage
Malg 95 24.7%
Gender '
Female 290 15.3%
15-24 192 49.9%
25-34 157 40.8%
Aoe 35-44 30 7.8%
45-55 6 1.6%
Students 14 3.6%
Undergraduate 130 33.8%
Occupation Employes 187 48.6%
Business owner 54 14.0%
Elementary 1 0.3%
Junior High 10 2.6%
Recent Education High School 162 42.1%
Bachelor’s degree 197 51.2%
Master Degree 15 3.9%
> 3,000,000 rupiah 27 7.0%
2,000,000 - 3,000,000 rupiahs 35 9.1%
1,500,000 - 2,000,000 rupiahs 40 10.4%
Expenditure
1,000,000 - 1,500,000 rupiahs 47 12.2%
93 24.2%

700,000 - 1,000,000 rupiahs
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500,000 - 700,000 rupiahs 88 22.9%
< 500,000 rupiah once 55 14.3%
every-tto3-daysonce 47 12.2%
a week 121 31.4%
Frequency
once a month 149 38.7%
> once a month 68 17.7%
Fashion Beauty 97 25.2%
Home care 99 25.7%
Lifestyle 37 9.6%
Product Category Toys & video games 77 20.0%
Food & Beverage 26 6.8%
Others 48 12.5%
1 0.3%

Researchers—atso—conductecd—a—descriptive——standard—deviattor—averages—ustg- SPSS.

analysis of each question indicator, which Table 8 presents the overall averages and
includes the average responses and the standard deviations for 27 indicators that test
9 latent variables

Table7.DescriptiveStatisticTestResults

Variable Code Minimum Maximum Mean Star}da}rd
Deviation
LQS1 5 1 417 1.004
Limited-Quantity  LQS2 5 1 4.13 1.107
Scarcity
LQS3 5 1 4.30 0.806
LTS1 5 1 4.36 0.830
Limited-Time LTS2 5 1 4.27 0.778
Scarcity LTS3 5 L A14 0973
ND1 5 1 4.42 0.763
Demand ND2 5 1 4.35 0.800
ND3 5 1 4.36 0.723
CVv1 5 1 441 0.731
Convenience Cv2 5 1 434 0.855
CV3 5 1 4.36 0.711
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IT1 5 1 4.36 0.769
Interactivity IT2 5 1 4.22 0.877
IT3 5 1 4.38 0.752
DL1 5 1 4.36 0.833
Playfulness DL2 5 1 4.32 0.826
DL3 5 1 4.28 0.774
PAL 5 1 4.31 0.818
Perceived PA2 5 1 4.23 0.858
Arousal
PA3 5 1 4.34 0.832
PE1 5 1 4.36 0.827
rerceivea
Enjoyment PE2 5 1 4.35 0.776
PE3 5 1 4.34 0.761
IP1 5 1 4.35 0.856
Impulse Purchase P2 5 1 4.32 0.926
IP3 5 1 4.12 1.021
The descriptive analysis of the indicators consistency  in  responses.  Similarly,

shows a consistent trend in the responses,
with most mean values indicating strong
agreement  among  respondents.  For
Limited-Quantity Scarcity, the means are
4.17 (LQS1), 4.13 (LQS2), and 4.30 (LQS3),
suggesting  that  respondents  generally
perceive a scarcity of products on the platform.
The standard deviations for these indicators
range from 0.806 to 1.107, indicating a
moderate level of agreement among
respondents. Limited-Time Scarcity indicators
also reflect a strong sense of urgency with
mean values of 4.36 (LTS1),

4.27 (LTS2), and 4.14 (LTS3), and standard
deviations from 0.778 to 0.973, showing
some variability but generally strong
agreement.

The Demand indicators highlight a strong
influence of live stream viewing on
respondents’ desire to own products, with
mean values of 4.42 (ND1), 4.35 (ND2), and
4.36 (ND3). The standard deviations, ranging
from 0.723 to 0.800, indicate high
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Convenience indicators with means of 4.41
(CV1), 4.34 (CV2), and 4.36 (CV3), and
standard deviations between 0.711 and 0.855,
suggest that respondents find live stream
shopping very convenient and time-saving.
Interactivity and Playfulness indicators also
show high mean values, with Interactivity
means at 4.36 (IT1), 4.22 (IT2), and 4.38
(IT3), and Playfulness means at 4.36 (DL1),
4.32 (DL2), and 4.28 (DL3). The slightly
higher  standard deviations for these
indicators, ranging from 0.752 to 0.877,
reflect a bit more variability in perceptions of
engagement and enjoyment.

Perceived Arousal and Perceived Enjoyment
indicators both exhibit high mean values,
indicating that respondents feel enthusiastic
and happy while participating in live stream
shopping. The means for Perceived Arousal
are 4.31 (PAl), 4.23 (PA2), and 4.34 (PA3),
with standard deviations from 0.818 to 0.858.
For Perceived Enjoyment, the means are 4.36
(PE1), 435 (PE2), and 4.34 (PE3), with



standard deviations between 0.761 and 0.827.
Lastly, the Impulse Purchase indicators show
means of 4.35 (IP1), 4.32 (IP2), and 4.12
(IP3), with standard deviations ranging from
0.856 to 1.021, indicating a strong inclination
among respondents to make spontaneous
purchases during live streams.

Validity Test Analysis

In this study, a validity test is used to
measure the accuracy of an instrument used.
KMO (Kaiser-Meyer-Olkin) measurement is
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used to calculate the sampling adequacy of
each variable in the model, Average Variance
Extracted (AVE) is used to check if the set of
survey questions or items accurately
measures the main idea or construct. In the
interpretation of discriminant validity, if
VAVE is greater than the factor loading, it
indicates that the item is more strongly
related to the construct it is supposed to
measure than to other constructs. This suggests
that the construct is well-defined and
discriminates well from other constructs
(Hubley, 2014).

Table8.ValidityMainTestResults

Average Discriminant
Variable Code Fact_o r KMO Score Variance Validity (VAVE
Loading > Factor
Extracted (AVE) :
Loading)
LQS1 0.716
Limited-Quantity Scarcity 2> 0.726 0.601 0.411 0.614
LQS3 0.441
LTS1 0.412
Limited-Time Scarcity LTS2 0.484 0.603 0.257 0.507
LTS3 0.607
ND1 0.504
0.188 0.434
Demand ND2 0.393 0.585
ND3 0.395
Cv1 0.495
0.251 0.501
Convenience Cv2 0.571 0.604
Cv3 0.427
IT1 0.334
. 0.166 0.407
Interactivity IT2 0.503 0.541
IT3 0.364
DL1 A7
DL2 .55 0.609 0.265 0515
Playfulness
DL3 0.514
PAL 0.655 0643 0.378 0615

Perceived Arousal
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PA2 0.656
PA3 0.667
PE1 0.602

Perceived Enjoyment PE2 0.562 0.647 0.435 0.660
PE3 0.666
IP1 0.640

Impulse Purchase IP2 0.642 0.668 0.428 0.654
IP3 0.679

The results of the KMO score from each and
every variable tested showed an acceptable
and adequate score. This validates and
supports the fact that factor analysis is a good
choice for this data set. It also showed that
the variables tested shared enough common
variance to make factor analysis worthwhile.

However, in comparing the validity results
between the pilot and main tests, significant
differences emerge across the variables in
this study. Limited-quantity scarcity, which
initially exhibited a KMO score of 0.625 and
an AVE of 0.464 in the pilot test, showed a
decrease in both KMO score of 0.601 and
AVE of 0.411 values in the main test. Despite
this decrease, the KMO score remains above
the acceptable threshold of 0.5, indicating
moderate adequacy, while the AVE falls
below the recommended level of 0.5,
suggesting challenges in convergent validity
for this construct.

Similarly, limited-time scarcity, demand,
convenience, interactivity,  playfulness,
perceived enjoyment, perceived arousal, and
impulse purchase all experienced declines in
both KMO and AVE scores from the pilot to
the main test. Notably, variables such as
Limited-Time  Scarcity, Demand, and
Interactivity demonstrated KMO  scores
below 0.6 in the main test, indicating
potential issues with factorability of the
variables. AVE scores also decreased notably
for these variables, further indicating
diminished convergent validity compared to
the pilot results.
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Some of the declining AVE numbers between
the pilot test results and the main test results
suggest that the data collected after the pilot
test might include some extreme values. This
is supported by the fact that several
indicators, such as LQS2 (Limited-Time
Scarcity), ND1 (Demand), and IP1 (Impulse
Purchase), were revised and adjusted during
the pilot test survey, resulting in increased
AVE scores. On the other hand, some variables
that were not adjusted because their scores
were adequate during the pilot test showed a
decline in AVE scores in the main test.

The decreases in KMO and AVE scores for
most  variables suggest challenges in
maintaining the adequacy and convergence of
measurement instruments across different
phases of testing. Variables like limited-time
scarcity, demand, and interactivity, which
exhibited significant declines in both KMO
and AVE, may require careful reconsideration
and refinement of measurement items to

better capture the underlying constructs
effectively.
In  contrast, variables like Perceived

Enjoyment and Impulse Purchase, while
showing decreases in validity scores from the
pilot, still maintained relatively higher levels
of KMO and AVE, indicating more robust
convergent validity. This stability suggests
that these constructs may be more resilient to
changes in measurement conditions or



sample  characteristics  between

phases.

testing

Following the guidelines of Hair et al.
(1998), factor loading scores were interpreted
as minimally significant at +0.30, important
at +0.40, and practically significant at +0.50.
The decision to utilize factor analysis was
based on the presence of correlations
exceeding 0.30, a threshold recommended by
Hair et al. (1998) to ensure the suitability of
this statistical method.

The main test for the factor loading results
reveal a mixed picture when compared to the
pilot test. While some indicators show
improvement, others fall short of the
expected standards set by Hair et al. (1998).
In the main test, the factor loadings for
Limited-Quantity Scarcity (LQS) variables
range from 0.441 to 0.726, showing a notable
improvement for LQS1 and LQS2 compared
to the pilot test. However, LQS3's loading
decreased to 0.441, which is below the
practically significant threshold of +0.50.

The limited-time scarcity variables also
exhibit a decline in factor loadings, with
values ranging from 0.412 to 0.607. Thisis a
significant drop from the pilot test, where the
loadings were between 0.700 and 0.823.
Similarly, the demand variables show a
concerning decrease, with loadings between
0.393 and 0.504, compared to the pilot test
range of 0.734 to 0.836. This suggests that
the revisions made to these indicators did not
enhance their reliability or validity as
intended.

On a more positive note, the convenience
variables show a slight improvement, with
loadings ranging from 0.427 to 0.571,
compared to the pilot test range of 0.715 to
0.824. The interactivity variables, however,
still struggle with lower loadings, ranging
from 0.334 to 0.503. This indicates that
further refinement is needed for these
indicators to achieve practical significance.
Playfulness  variables show  moderate
improvement with loadings between 0.475
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and 0.553, compared to the pilot test range of
0.761 to 0.820.

Perceived arousal and perceived enjoyment
variables maintain relatively strong loadings
in the main test, with perceived arousal
ranging from 0.562 to 0.666 and perceived
enjoyment from 0.655 to 0.667. These results
are consistent with the pilot test, suggesting
that these constructs are reliably measured.
The impulse purchase variables also show
consistent loadings, ranging from 0.640 to
0.679, which, although lower than the pilot test
range of 0.795 to 0.905, still indicate practical
significance.

The analysis of the provided data reveals
mixed results regarding discriminant validity.
For Limited-Quantity Scarcity (LQS), the
AVE (0.411) is greater than the factor
loadings (0.716, 0.726, and 0.441), indicating
good discriminant validity. Conversely,
Limited-Time Scarcity (LTS) shows an AVE
(0.257) that is less than its factor loadings
(0.412, 0.484, and 0.607), suggesting
potential issues with discriminant validity.
Demand (ND) and Convenience (CV) also
exhibit AVE values (0.188 and 0.251) that are
lower than their respective factor loadings,
indicating  cross-loading and  potential
discriminant validity issues. Interactivity (IT)
and Playfulness (DL) have AVE values
(0.166 and 0.265) that are significantly lower
than their factor loadings, indicating
significant cross-loading and poor
discriminant validity. Perceived Arousal (PA)
and Perceived Enjoyment (PE) have AVE
values (0.378 and 0.435) that are greater than
their factor loadings, indicating good
discriminant  validity.  Lastly, Impulse
Purchase (IP) shows an AVE (0.428) that is
greater than its factor loadings, indicating
good discriminant validity. Overall, while
some  constructs  demonstrate  strong
discriminant validity, others show signs of
cross-loading and potential issues with
discriminant validity, necessitating further
refinement and validation.



In conclusion, the main test results for factor
loading in the analysis present a mixed
outcome. While some indicators show
improvement, others fall short of the desired
standards. The revisions made to the
indicators did not uniformly enhance their
reliability and validity. Further refinement is
necessary for certain variables to achieve
practical significance. Overall, the main test
results underscore the importance of
continuous improvement and validation in
research instrument development to ensure
accurate and reliable measurements.

Messick, S. (1984) discusses the concept of
construct-irrelevant variance (CIV) and its
impact on test validity, which aligns with the
Construct Irrelevance Theory (Messick,
1984).  Specifically, = Messick  (1984)
highlights that CIV can lead to systematic
errors in test scores, which can threaten the
validity of the test, even if the test has good
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reliability measures like composite reliability
and Cronbach's alpha scores (Messick, 1984).
A test can have a low Average Validity
Evidence (AVE) score due to various reasons
such as methodological limitations or
construct issues, but still maintain good
composite reliability and Cronbach's alpha
scores if the items are highly correlated with
each other (Messick, 1984). While reliability
is important for ensuring consistent
measurement, it does not directly impact the
validity of test scores. A test can have good
composite reliability and Cronbach's alpha
scores if the items are highly correlated, but
still suffer from low Average Validity
Evidence (AVE) scores due to CIV (Messick,
1989; Kane, 1992).

Reliability Test Analysis

The reliability test is also done in the main
test by calculating Cronbach's alpha values
and composite reliability (CR) score.

Table9.ReliabilityMainTestResults

Variable Indi1(-:(;ttécl)lr(s) KMO Score é\gggfe(\j/ ?fbi:/ng
Limited-Quantity Scarcity 3 0.652 0.668
Limited-Time Scarcity 3 0.489 0.504
Demand 3 0.421 0.407
Convenience 3 0.497 0.498
Interactivity 3 0.362 0.366
Playfulness 3 0.528 0.519
Perceived Arousal 3 0.661 0.641
Perceived Enjoyment 3 0.688 0.698
tptise-Prehase 3 8-686 8-65%

The reliability results for the main test limited-time  scarcity, demand, and

indicated varied levels of reliability across
the variables compared to the pilot test.
Limited-quantity scarcity shows acceptable
reliability with a Cronbach's alpha of 0.652
and CR of 0.668, slightly decreased from the
pilot test but remaining within acceptable
ranges. In contrast, variables such as
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interactivity exhibited notable decreases in
reliability, with Cronbach's alpha values
falling below the acceptable range from
0.362 to 0.489 and CR scores also decreased.

Among all the variables, perceived
enjoyment and impulse purchase maintained



relatively higher reliability, even though
Cronbach's alpha and CR scores are lower
than the pilot test. On the other hand, perceived
enjoyment showed a Cronbach's alpha of
0.688 and CR of 0.698, indicating acceptable
but reduced internal consistency from the
pilot test.

The decrease in reliability scores for
limited-Time Scarcity, demand, convenience,
and interactivity between the pilot and main
test phases indicates potential challenges in
maintaining the consistency and stability of
these measurements over time or under
different  conditions.  This  variability
underscores the importance of continuous
validation and refinement of measurement
instruments to ensure robustness in research
findings.

For variables like limited-quantity scarcity,
despite a slight decrease in reliability scores,

Kajian Branding Indonesia

they still maintain acceptable levels of
internal consistency, suggesting that these
constructs are relatively stable across
different phases of testing. Overall, while
some  variables  demonstrated  strong
reliability throughout both pilot and main
tests, others showed variability that could
impact the validity of conclusions drawn
from their measurements.

Goodness of Fit Analysis

To test the measurement of model fit in this
study and ensure that the model corresponds
with the data, absolute, incremental, and
parsimonious fit indices are examined
simultaneously. Based on the indices
proposed by Hooper (2008), the criteria for a
good fit from the goodness of fit test are
absolute  fit,  incremental  fit, and
parsimonious fit (Hooper et al., 2008). Table
IV-7 explains the good criteria and the actual
results of the goodness-of-fit test obtained
from the AMOS output

Tablel10.GoodnessofFitTestResults

Goodness of Fit Index Good Value Actual Value

CMIN/DF <3 2.243

Absolute Fit RMSEA <0.08 0.057
GFlI >0.90 0.879
AGFI >0.90 0.850
CFI >0.90 0.887

Incremental Fit
TLI >0.90 0.869
NFI >0.90 0.815

Parsimonious Fit ~ PGFI >0.50 0.707

Absolute fit indices are the most basic
metrics to show how well a research model
aligns with the sample data obtained. The
indices for absolute fit would consist of
CMIN/DF, RMSEA, and GFI (Bentler &
Bonett, 1980). CMIN/DF score of 2.243
indicates that the model is a good fit because
it achieved less than 3. RMSEA score of
0.057 is acceptable because less than 0.08
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indicates a good fit is caused by sample size
being sufficient. However, GFI score is 0.879
which indicates a marginal fit because more
than 0.80.

Incremental fit indices that consist of AGFI,
CFIl, TLI, and NFI are also analyzed in this
study. These indices are used to consider the
complexity of a model when assessing its fit.



The AGFI score of 0.850, CFI score of 0.887,
TLI score of 0.869, and lastly NFI score of
0.815 indicates a marginal fit for the model
used in this study.

Parsimonious fit indices is the last metric that
is used in this study to analyze the PGFI from
the model. The PGFI score of 0.707 indicates
that the model in this study is a good fit
because it is more than 0.50. Overall, The
model in this study demonstrates a good fit
with a CMIN/DF of 2.243, RMSEA of 0.057,
and PGFI of 0.707, while marginally fitting
with GFI at 0.879, AGFI at 0.850, CFI at
0.887, TLI at 0.869, and NFI at 0.815.
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Hypothesis Test Analysis

Hypothesis testing can demonstrate statistical
significance through a p-value below 0.05
and whether the hypothesis is accepted or
rejected. In addition, the beta (B) value,
which is the regression coefficient or slope, for
each significant influence between constructs
can also be examined to determine the
magnitude of the effect of an independent
variable on a dependent variable. The p-value
and beta values from this study can be seen in
Table [IV-9. The structural model that
accounts for p-value and beta can also be
seen in Figure 3.

Figure 3. Structural Model Test Results

_Organism _

Perceived

Response

Arousa

Note(s): *p < 0.05, **p < 0.01, *** p < 0.001, ns = not significant

Tablell.HypothesisTestResults

Hypothesis Effect P-Value Beta Accept/Reject H1
H1 LQS—PA 0.079 -0.485 Reject
H2 LTS—PA Fhx 1.420 Accept
H3 ND—PE falelal 0.737 Accept
H4 CV—PE 0.099 -0.245 Reject
H5 IT-PE 0.877 0.026 Reject
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H6 DL—PE 0.011
H7 PA—IP e
H8 PE—IP 0.001
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0.436 Accept
1.987 Accept
-1.106 Reject

Overall, the p-value result for H1 is not
significant with the beta value of -0.485.
Therefore this study accepts the null
hypothesis and rejects the alternate
hypothesis, indicating that there is a negative
effect of limited-quantity scarcity on
perceived arousal. Each one-point increase in
limited-quantity scarcity is associated with a
-0.485-point decrease in perceived arousal.

The p-value for H2 is less than 0.05 with a
positive beta value of 1.420 that shows a
substantial ~ positive impact. This also
indicates that this study rejects the null
hypothesis which means that the alternate
hypothesis (H2) is accepted, this also shows
that limited-time scarcity has a significant
positive affects perceived arousal.

Similarly, H3 also shows a significant result
with the p-value less than 0.05 with a positive
beta value 0.737. This indicates that this
study rejects the null hypothesis and accepts
the alternate hypothesis (H3), which could
also show that demand has a strong positive
effect on perceived enjoyment.

On the other hand, H4 shows a not significant
result for the p-value is more than 0.05 with
the beta value of -0.245. This indicates that
this study accepts the null hypothesis and
rejects the alternative hypothesis. This shows
that convenience does not affect perceived
enjoyment.

H5 shows a not significant result for the
p-value with the beta value of 0.026. This
indicates that this study accepts the null
hypothesis and rejects the alternative
hypothesis. This shows interactivity does not
affect perceived enjoyment.

For H6, with a p-value of 0.011 and a
positive beta of 0.436 indicates that this study
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rejects the null hypothesis and accepts the
alternate hypothesis (H6). This also shows
that playfulness has a significant positive
effect on perceived enjoyment.

H7 shows a significant p-value score and a
positive beta value of 1.1987 that indicates
this study rejects the null hypothesis and
accepts the alternate hypothesis (H7). This
also indicates that perceived enjoyment has a
strong positive effect on impulse purchase.

Finally, H8 with the p-value of 0.001 and
beta of -1.106, this indicates that this study
rejects the alternative hypothesis (H8). This
result also shows that higher perceived
enjoyment might actually decrease the
likelihood of impulse purchase, or perceived
enjoyment have a negative effect on impulse
purchase.

Discussion

1. Limited-Quantity Scarcity and
Limited-Time Scarcity are stimulus
factors that affects Perceived Arousal
The initial hypotheses proposed that
limited-quantity scarcity and limited-time
scarcity both have a positive influence on
perceived arousal (H1: Limited-quantity
scarcity is positively related to perceived
arousal; H2: Limited-time scarcity is
positively related to perceived arousal).
These hypotheses were formulated based
on previous research indicating that
scarcity, whether in terms of quantity or
time, could stimulate buyers and heighten
their arousal levels, thereby influencing
their purchasing behavior (Wu et al.,
2021).

However, the results of hypothesis testing

revealed significant differences.
Limited-quantity scarcity did not yield
statistical significance (p > 0.05),



suggesting a counterintuitive effect where
an increase in limited-quantity scarcity
led to a decrease in perceived arousal.
Conversely, limited-time scarcity showed
a significant positive effect (p < 0.05)
with a beta value of 1.420, indicating that
as the duration of scarcity increased, so
did perceived arousal.

The development of the initial hypothesis
stemmed  from  existing research
suggesting that limited-quantity scarcity,
particularly in flash sales, positively
impacts consumer attitudes towards sales
(Wu et al., 2021). Similarly, limited-time
scarcity, characteristic of flash sales'
time-bound nature, was anticipated to
evoke enthusiasm and excitement (Wu et
al., 2021). In addition, previous research
had suggested that limited-quantity
scarcity might incite competition among
buyers and stimulate  arousal,
consequently fostering a positive attitude
towards sales (Zheng et al., 2013; Guo et
al., 2017).

However, the empirical findings deviated
from the initial hypothesis development,
particularly concerning limited-quantity
scarcity. While it was anticipated that
limited-quantity scarcity would positively
influence perceived arousal, the analysis
revealed a negative relationship. This
disparity underscores the complexity of
consumer behavior and emphasizes the
importance of considering empirical
evidence alongside theoretical constructs
with  the need for context-specific
analysis. Despite the unexpected results,
limited-time scarcity demonstrated a
significant positive impact on perceived
arousal, consistent with prior
expectations.

In the context of beauty (25.2%) and
fashion  (25.7%)  products,  which
constituted the majority of purchases in
this study (contributed to 50.9% of the
whole responses), the findings offer
additional insights. Beauty products,
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while not typically considered functional
or utilitarian, are also not perceived as
hedonic by the respondents. This
perception is influenced by their habitual
purchasing behavior, where consumers
frequently buy these products, leading
them to believe that the stock will always
be available either from the desired brand
or alternative brands (Bettiga et al.,
2020). This habitual purchasing behavior
reduces the perceived urgency and
arousal associated with limited-quantity
scarcity, as consumers assume that they
can easily find the same type of products
elsewhere if they are out of stock at one
retailer.

Moreover, beauty and fashion products
are widely available across various
platforms, potentially diminishing the
urgency to purchase immediately due to
limited stock. The availability of these
products in  multiple platforms or
channels means that consumers do not
feel a strong push to act quickly, as they
are confident that they can find the
products elsewhere. This widespread
availability ~ further  explains  why
limited-quantity ~ scarcity did  not
significantly affect perceived arousal in
this sample. Consumers do not perceive a
real threat of stock depletion, especially
for non-limited edition items, which
aligns with the findings of Bettiga et al.
(2020) on consumer emotional responses
to functional and hedonic products
(Bettiga et al., 2020).

In conclusion, while limited-time scarcity
emerged as a significant stimulus factor
positively affecting perceived arousal,
limited-quantity scarcity yielded
unexpected results. These findings
suggest a complex understanding of how

different  scarcity stimuli influence
consumer perceptions and behaviors.
Specifically, the habitual purchasing

patterns and widespread availability of
beauty and fashion products mitigate the
impact of limited-quantity scarcity on



perceived arousal. Further research could
explore the underlying mechanisms and
boundary conditions shaping the effects
of scarcity on consumer arousal and
purchasing decisions, particularly in
markets with similar consumer behaviors
and product availability.

Demand, convenience, interactivity,
and playfulness are stimulus factors that
affects Perceived Enjoyment

The initial hypothesis suggested that
demand, convenience, interactivity, and
playfulness positively influence perceived
enjoyment. Those hypotheses were based
from existing literature indicating that
these factors contribute to enhanced
consumer experiences and enjoyment
across various contexts (Liu et al., 2020;
Brown, 1989; Rogers, 2017; Chang et al.,
2015). Therefore, it was hypothesized
that these stimuli factors would lead to
increased perceived enjoyment within the
context of live shopping
platforms.However, different hypotheses
were accepted and some were rejected.

Comparing the hypothesis test analysis
results with the initial hypothesis
development reveals some disparities.
While demand and playfulness were both
supported by the data, convenience and
interactivity did not exhibit significant
effects on perceived enjoyment contrary
to the initial expectations. This suggests
that while demand and playfulness are
indeed influential factors in shaping
perceived enjoyment in live shopping
environments, convenience and
interactivity may not play as significant
roles as initially hypothesized.

According to H3, demand is positively
related to perceived enjoyment. This
hypothesis is accepted. The analysis
yielded a significant positive relationship
between  demand and  perceived
enjoyment, supported by a p-value below
0.05 and a strong positive beta value
(0.737). This indicates a substantial
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positive effect, aligning with existing
literature that suggests demand enhances
consumer experiences and enjoyment
(Liu et al., 2020; Brown, 1989). These
results show that as the demand for a
product increases, so does the perceived
enjoyment in live shopping environments.

Similarly, H6 is
(playfulness is positively related to
perceived enjoyment). The analysis
showed a significant positive relationship
between playfulness and perceived
enjoyment, with a p-value of 0.011 and a
positive beta value of 0.436. This
indicates a meaningful impact, consistent
with existing literature that highlights the
role of playfulness in enhancing
consumer experiences and enjoyment
(Chang et al., 2015). These results show
that as the level of playfulness in
e-commerce increases, so does the
perceived enjoyment.

also accepted

On the other hand, H4 is rejected.
Initially, H4 proposed that convenience is
positively related to perceived enjoyment.
This hypothesis is rejected. The analysis
showed no significant effect of
convenience on perceived enjoyment.
This finding contrasts with initial
expectations and suggests that while
convenience is important, it may not
contribute  strongly to  perceived
enjoyment in the context of live
shopping. This aligns with Joo & Yang
(2023), who noted that the experiential
aspects of live shopping overshadow the
practical ~ benefits of convenience.
Additionally, as consumers become
accustomed to the convenience of live
shopping platforms, the ease of access
may no longer elicit an arousal response,
leading to a diminished impact on
perceived enjoyment (Li et al., 2022).

The utilitarian aspect of convenience,
while important, may not contribute as
strongly to perceived enjoyment in this
context. Convenience refers to the ease



and efficiency of the shopping process,
such as quick access to products,
streamlined purchasing processes, and
hassle-free navigation. However, in the
context of live shopping, users are more
focused on the experiential aspects of the
live stream rather than the functional
benefits. The entertainment value, the

thrill of live interactions, and the
enjoyment derived from the overall
experience overshadow the practical

benefits of convenience (Joo & Yang,
2023).

Additionally, as consumers become
accustomed to the convenience of live
shopping platforms, the ease of access
may no longer elicit an arousal response.
Initially, the novelty of being able to shop
live and interact with hosts in real-time
can be exciting and engaging. However,
as this convenience becomes a standard
expectation over time, it may lose its
ability to generate the same level of
excitement and emotional response. What
was once novel and exciting can become
a routine, leading to a diminished impact
on perceived enjoyment (Li et al., 2022).
This habituation effect suggests that
while convenience is a valuable feature,
its impact on perceived enjoyment may
diminish as consumers become more
familiar with the platform. Therefore, to
maintain  high levels of consumer
enjoyment, it is essential for live
shopping platforms to continuously
innovate and enhance the hedonic aspects
of their offerings, ensuring that the
experience  remains  engaging and
emotionally stimulating.

Another hypothesis that turned out to be
rejected in this study is H5, where
initially H5 proposed that interactivity is
positively related to perceived enjoyment.
This hypothesis is rejected. The analysis
revealed no significant effect of
interactivity on perceived enjoyment.
This finding is contrary to previous
research that emphasized the importance
of interactivity in online environments
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(Stewart & Pavlou, 2002; Yadav &
Varadarajan, 2005). The results suggest a
potential habituation effect, where the
novelty and excitement of interactivity
diminish as consumers become more
familiar with the platform and develop
trust based on past interactions
(Merrilees, 2003; Lee, 2005). This
underscores the importance of optimizing
initial interactions to build trust, as the
need for interactivity may be more
critical during the early stages of the
consumer-vendor relationship.

The role of interactivity in perceived
enjoyment did not align with its widely
recognized  importance in  online
environments. While interactivity is often
seen as a defining feature of the Internet,
distinguishing it from other
communication and commerce channels,
it did not emerge as a significant factor in
this study (Stewart & Pavlou, 2002;
Yadav & Varadarajan, 2005). Previous
research has shown that perceived
interactivity can influence online trust,
particularly during initial interactions
with an e-vendor (Merrilees, 2003; Lee,
2005). Initial online trust, which forms
quickly and is often fragile, can be crucial
for lesser-known vendors looking to
establish a foothold with new customers
(McKnight et al., 1998). However, our
findings suggest that once this initial trust
is established, the ongoing need for high
interactivity diminishes. This could be
because respondents in this study had
prior positive experiences with the
vendors, reducing the necessity for
continuous interactive engagement during
subsequent live shopping sessions.

This shift in the importance of
interactivity  highlights a  potential
habituation effect. As consumers become
more familiar with live shopping
platforms and develop trust based on past
interactions, the novelty and excitement
of interactivity may fade away. Instead,



consumers might prioritize other factors
such as demand and playfulness, which
continue to enhance their enjoyment. Our
sample consisted of respondents who had
made purchases from live shopping 3
months prior. The interaction could have
happened prior to the "past 3 months" of
the respondents’ shopping experience
with the vendor (based on the filtering
question from the survey), indicating that
interactivity is primarily needed during
the initial contact with the vendor or host,
but after the initial contact, the need of
interactivity starts to fade away since the
consumers already know what to expect
from the products. This underscores the
importance  of  optimizing initial
interactions to build trust, as the need for
interactivity may be more critical during
the early stages of the consumer-vendor
relationship.  Future research should
explore how these dynamics evolve over
time and the specific conditions under
which interactivity remains a vital
component of the online shopping
experience (Wu et al., 2010).

In conclusion, the study provides
empirical  evidence supporting the
influence of demand and playfulness on
perceived enjoyment in live shopping
platforms. However, the roles of
convenience and interactivity may be less
pronounced than initially anticipated.
These findings underscore the complexity
of consumer experiences and behaviors in
online shopping contexts and highlight
the importance of considering multiple
stimulus factors in designing and
optimizing live shopping experiences.
Further research could delve deeper into
understanding the nuanced effects of
these factors and their implications for
consumer behavior in e-commerce
settings, contributing to both academic
knowledge and practical insights for
businesses operating in the online retail
space.
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and  Perceived
Enjoyment are organism factors that
affects Impulse Purchase

The initial hypotheses posited that
perceived arousal (H7) and perceived
enjoyment (H8) positively influence
impulse purchase behaviors. This aligns
with prior research indicating significant
impacts of emotional states on impulsive
buying decisions (Xia et al., 2022).
Specifically, it was expected that
perceived arousal would heighten
emotional responses, thereby increasing
the likelihood of impulse purchases.
Conversely, perceived enjoyment was
hypothesized to  positively  impact
impulse purchases by fostering positive
emotions during shopping experiences
(Shen & Khalifa, 2012; Wu et al., 2021).

This study implemented a structural
equation model to test these hypotheses
and the results revealed a statistically
significant positive relationship between
perceived arousal and impulse purchases
(p < 0.05, B = 1.1987), confirming H7.
This suggests that heightened perceived
arousal indeed leads consumers to engage
in impulse purchases more frequently. In
contrast, perceived enjoyment showed a
significant negative relationship with
impulse purchases (p < 0.001, B =
-1.106), contradicting  H8.  This
unexpected finding implies that higher

levels of perceived enjoyment may
reduce the propensity for impulse
purchases, possibly due to more

deliberate decision-making processes or
decreased urgency in purchase decisions
(Lin et al., 2022).

The distinct novelty of our study lies in
the unexpected and divergent findings
regarding the influence of perceived
arousal (H7) and perceived enjoyment
(H8) on impulse purchase behaviors.
While prior research has consistently
suggested positive relationships between
emotional states and impulsive buying
decisions, our study's empirical validation



presents a unique contribution to the
literature. Specifically, the significant
positive relationship between perceived
arousal and impulse purchases confirms
the anticipated impact of heightened
arousal levels on impulsive buying
tendencies. However, the significant
negative relationship between perceived
enjoyment and impulse purchases
challenges conventional assumptions,
indicating a novel understanding of how
positive emotions may affect consumer
decision-making processes.

The novelty of this study suggests a
connection towards the theory by Blumer
and Katz (1974) on Uses and
Gratifications in the context of impulse
purchases during e-commerce live
shopping (Blumer & Katz, 1974). This
theory states that individuals actively
seek out and consume media content to
fulfill specific needs or gratifications,
such as arousal, enjoyment, or
information-seeking (Blumer & Katz,
1974). The findings reveal that perceived
arousal positively influences impulse
purchases, aligning with the theory's
premise that individuals actively seek out
media experiences to fulfill specific
gratifications, such as stimulation or

excitement. However, the negative
relationship between perceived
enjoyment and impulse purchases
challenges conventional assumptions,
potentially indicating that excessive

enjoyment during live shopping may lead
to more deliberate and controlled
decision-making processes in contrast to
the impulsive nature of such purchases.
This novel insight contributes to a
nuanced understanding of how different
emotional states and gratifications sought
from media experiences can shape
consumer behavior in the emerging
e-commerce live shopping context.

The initial hypotheses were grounded in
established theories on emotional arousal
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and enjoyment in consumer behavior.
These theories postulate that emotional
states play pivotal roles in triggering
impulsive  purchases, particularly in
dynamic shopping environments such as
live streaming platforms (Mehrabian &
Russell, 1974; Lin et al.,, 2022). This
theoretical ~ framework  guided the
formulation of H7 and H8, anticipating
clear positive effects of emotional arousal
and enjoyment on impulse purchase
behavior.

Comparing the outcomes with the initial
hypotheses, H7 was validated as
anticipated, confirming that perceived
arousal  significantly  contributes to
impulse purchases. However, H8 was not
supported, indicating a need for further
exploration into  why heightened
perceived enjoyment might mitigate
rather than enhance impulsive buying
tendencies. This disparity underscores the
intricate nature of emotional influences
on consumer decision-making and
highlights the nuanced effects that
different emotional states can exert in
diverse contexts (Wu et al., 2021).

The findings resonate closely with those
of Lin et al. (2022), who also observed
significant ~ impacts  of  perceived
enjoyment (B = 0.683) on impulse
purchase intentions in live streaming
shopping contexts. Despite our study
diverging in the direction of perceived
enjoyment's influence, both studies
underscore the critical role of emotional
states in driving impulsive buying
behaviors. This correlation strengthens
the applicability of emotional arousal and

enjoyment  theories  across varied
consumer environments, underscoring
their  relevance in  comprehending

consumer behavior in digital shopping
platforms.

In conclusion, this study offers valuable
insights into the nuanced effects of
perceived arousal and  perceived



enjoyment on impulse purchases within
live streaming shopping environments.
While perceived arousal robustly
promotes impulse purchases  as
hypothesized, the unexpected negative
relationship between perceived
enjoyment and impulse purchases
necessitates further investigation. Future
research could explore moderating factors
or contextual elements that might
elucidate these divergent effects more
comprehensively. Overall, these findings
contribute significantly to the theoretical
understanding of emotional influences on
consumer behavior and provide practical
implications for marketers seeking to

optimize strategies in dynamic
e-commerce settings.
CONCLUSION AND

RECOMMENDATION

Conclusion

This study addresses critical gaps when it
comes to understanding live shopping
experiences among Indonesian consumers,
focusing on the interplay between scarcity,
perceived enjoyment, perceived arousal, and
impulse  purchasing behavior.  Through
utilizing the Stimulus-Organism-Response
(S-O-R) framework, it investigates how
limited-quantity scarcity and limited-time
scarcity affect perceived enjoyment and how
factors like demand, convenience,
interactivity, and  playfulness  impact
perceived arousal. Moreover, the study
examines how these emotional responses
drive impulse purchases in live shopping
contexts.

The research significantly extends the S-O-R
model by integrating scarcity (both quantity
and time), demand, convenience,
interactivity, and playfulness as pivotal
stimulus factors shaping consumer behavior
in live shopping scenarios. It contributes to
the literature by providing empirical insights
into the factors that uniquely influence
Indonesian consumers during live shopping,
an area previously underexplored. The
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nuanced understanding of how perceived
arousal and perceived enjoyment lead to
impulse purchases within live shopping
contexts offers a valuable extension to
existing  consumer  behavior  theories,
particularly ~ within ~ rapidly  growing
e-commerce markets like Indonesia.

A notable discovery would be the differing
impacts of limited-quantity scarcity and
limited-time scarcity on perceived arousal.
Contrary to initial expectations,
limited-quantity scarcity negatively impacts
perceived arousal, suggesting that heightened
scarcity might induce stress or disinterest
rather than excitement. Conversely, limited-
time scarcity significantly enhances perceived
arousal, aligning with the notion that time-
limited offers generate a sense of urgency
and excitement. These findings imply that
time-based promotions may be more effective
than quantity-based scarcity in engaging
consumers and stimulating arousal in live
shopping settings.

Regarding perceived enjoyment, this study
reveals that demand and playfulness
significantly boost perceived enjoyment,
while convenience and interactivity do not
have the anticipated impact. This deviation
from initial hypotheses underscores the
complexity of consumer experiences in live
shopping and suggests that while practical
factors like convenience might be taken for
granted, elements that make up the shopping
experience enjoyable and engaging play a
more crucial role in driving enjoyment. These
insights can guide e-commerce platforms in
designing more engaging and enjoyable live
shopping  experiences by emphasizing
playfulness and effectively meeting consumer
demand.

This study’s strengths lie in its empirical
approach and the application of the S-O-R
framework to a novel context—Indonesian
live shopping. It provides actionable insights
for e-commerce platforms to enhance user
engagement and boost sales by focusing on
scarcity tactics and enriching the shopping



experience. The integration of multiple
stimulus factors and their respective impacts
on perceived arousal and enjoyment offers a
comprehensive view of the dynamics
influencing impulse purchases.

However, this study also has its limitations.
The use of convenience sampling and the
focus on the Jabodetabek region may limit
the generalizability of the findings. The study's
design makes some of the variables to exhibit
positive effects, meaning  observed
correlations do not necessarily imply direct
cause-and-effect relationships. Additionally,
the exclusive focus on live shopping via
TikTok Shop might overlook variations in
consumer behavior across different platforms
or offline settings. Future research could
benefit from a broader geographic scope, a
longitudinal design, and inclusion of various
e-commerce platforms to enhance the
robustness and applicability of the findings.

From a practical perspective, the study
suggests that e-commerce platforms could
leverage  time-limited promotions and
enhance the playfulness of the shopping
experience to drive consumer engagement
and impulse purchases. Understanding the
distinct effects of different types of scarcity
on consumer behavior can help marketers
tailor their strategies more effectively.

It is suggested that future research could
delve into the psychological mechanisms

underlying  the  unexpected negative
relationship between limited-quantity scarcity
and  perceived arousal.  Additionally,

investigating the role of other potential
factors, such as cultural influences or
technological advancements, could provide a
deeper understanding of consumer responses
in various e-commerce contexts. Expanding
the scope to include comparative analyses
between different regions and shopping
platforms could also offer valuable insights
into the global applicability of the study's
findings.
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In conclusion, this study advances the
understanding of live shopping dynamics by
elucidating the complex relationships
between scarcity, perceived enjoyment,
perceived arousal, and impulse purchasing
behavior among Indonesian consumers. By
integrating these factors within the S-O-R
framework, the research offers both
theoretical and practical contributions to the
fields of consumer behavior and e-commerce,
paving the way for more targeted and
effective marketing strategies in the rapidly
evolving landscape of live shopping.

Recommendation

1. Recommendations for Future Research
Future research in the realm of live
shopping and consumer behavior could
benefit from addressing several identified

limitations. Firstly, researchers should
consider employing more  diverse
sampling techniques beyond quota

sampling to enhance the generalizability
of findings across broader demographic
groups and geographic regions within
Indonesia. By including a more
representative sample, future studies can

provide insights into how different
consumer segments respond to scarcity
and other stimuli in live shopping
environments.  Additionally, future

research could ask respondents about the
specific brands of products they
purchased during live shopping sessions.
This information could provide valuable
context and help identify brand-specific
influences on consumer behavior.

Secondly, adopting a longitudinal
research design could enable researchers
to establish causal relationships between
variables. Longitudinal studies would
allow for tracking changes in consumer
perceptions and behaviors over time,
providing deeper insights into the
long-term effects of scarcity and other
factors on impulse purchasing in live
shopping contexts. This approach would
enhance the robustness of findings and
contribute to a more comprehensive



understanding of consumer
decision-making dynamics. Furthermore,
to better understand the role of
interactivity  between hosts  and
viewers/buyers during live streaming,
future research should consider extending
the shopping period to more than three
months prior. This would provide a more
comprehensive view of how interactivity
influences consumer behavior over time.

Furthermore, future research could
explore additional contextual factors that
may influence consumer behavior in live
shopping, such as cultural differences
across regions in Indonesia or variations
in consumer preferences on different
e-commerce platforms. By broadening
the scope of investigation, researchers
can uncover nuanced insights that
contribute to more tailored marketing
strategies and user experiences in live
shopping. Understanding these contextual
factors can help marketers design more
effective campaigns that resonate with
diverse consumer groups and optimize
the live shopping experience.

Recommendations for Stakeholders
Based on the findings of this study,
several actionable recommendations can
be recommended to stakeholders in the
e-commerce industry, particularly those
involved in live shopping platforms:

i. Leverage Time-Limited Scarcity:
E-commerce platforms  should
prioritize implementing
time-limited scarcity tactics rather
than solely focusing on
quantity-based scarcity.
Time-limited promotions  have
shown to significantly enhance
perceived arousal among
consumers, driving engagement and
potentially  increasing impulse
purchases. Stakeholders can
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capitalize on this by strategically
designing and promoting limited-
time offers that create asense of
urgency and excitement.

Enhance Playfulness and
Engagement: Emphasizing elements
of playfulness and interactivity in

live shopping experiences can
enhance perceived enjoyment and
ultimately drive consumer
satisfaction and loyalty.
Stakeholders should invest in
creating interactive features,
gamification elements, and

personalized experiences that make
the shopping process not only
convenient but also enjoyable and
engaging for users.

iii.  Considering Regional and
Platform-Specific Strategies:
Recognizing the  diversity of

consumer preferences and behaviors
across different regions in Indonesia
and various e-commerce platforms
is crucial. Stakeholders should
conduct localized  studies to
understand regional variations and
tailor their marketing strategies
accordingly.  Additionally, they
should continuously monitor and
adapt their approaches based on

platform-specific insights to
optimize user engagement and
conversion rates.
To conclude, implementing these
recommendations can help or assist

stakeholders to enhance their understanding
of consumer behavior in live shopping
environments and optimize their strategies to
effectively meet consumer expectations and
drive business growth. Hence, future research
along with stakeholder actions aligned with
these recommendations can contribute to
advancing knowledge and practice in the
dynamic field of e-commerce and consumer
behavior in Indonesia.



Kajian Branding Indonesia

REFERENCES

Allen, I. E., & Seaman, C. A. (2007, 07). Likert Scales and Data Analyses. Quality Progress, 40,
64-65.
https://www.proquest.com/magazines/likert-scales-data-analyses/docview/214764202/se-2.

Akar, E. and Topcu, B. (2011), “An examination of the factors influencing consumers’ attitudes

toward social media marketing”, Journal of Internet Commerce, Vol. 10, pp. 35-67.

Andersson, E., & Pitz, N. (2021). Ready, set, live! How do European consumers perceive the value
of live video shopping and what are their motivations to engage in it? A qualitative study.
Master's Thesis in Business Administration Il1l, 30 Credits, Spring 2021, Supervisor: V.
Vanyushyn.

Anderson, D. R., Burnham, K. P., & Thompson, W. L. (2000). Null Hypothesis Testing:
Problems, Prevalence, and an Alternative. The Journal of Wildlife Management, 64(4),
912-923. https://doi.org/10.2307/3803199

Anderson, J. C., & Gerbing, D. W. (1988). Structural equation modeling in practice: A review
and recommended two-step approach. Psychological Bulletin, 103(3), 411-423.
https://doi.org/10.1037/0033-2909.103.3.411

Anindito, K., & Handarkho, Y. D. (2021). The impact of personality trait and social experience
on youngsters’ intention to purchase impulsively from Social Commerce Platforms. Young
Consumers, 23(1), 53-71. https://doi.org/10.1108/yc-02-2021-1284

Annur, C. M. (2022). Survei JAKPAT: Shopee Rajai Penggunaan live shopping di Indonesia:
Databoks. Pusat Data Ekonomi dan Bisnis Indonesia.
https://databoks.katadata.co.id/datapublish/2022/07/06/survei-jakpat-shopee-rajai-penggun

aan-live-shopping-di-indonesia

-41 -


http://www.proquest.com/magazines/likert-scales-data-analyses/docview/214764202/se-2

Kajian Branding Indonesia

Arbuckle, J.L., (2010). Amos 18.0 User’s Guide. USA: Amos Development Corpororation.
Cabrera, P., 2010. Author Guidelines for Reporting Scale Development and Validation
Results in the Journal of the Society for Social Work and Research, 1(2): 99-103.

Ayub, R. and Zafar, M. (2018), “External stimuli and impulsive buying behavior”, Market
Forces Research Journal, Vol. 13 No. 1, pp. 1-28.

Banerjee A, Chitnis UB, Jadhav SL, Bhawalkar JS, Chaudhury S. Hypothesis testing, type | and
type Il errors. Ind Psychiatry J. 2009 Jul;18(2):127-31. doi: 10.4103/0972-6748.62274.
PMID: 21180491; PMCID: PMC2996198.

Barnett, L. A. (1991). The playful child: Measurement of a disposition to play. Play & Culture,
4(1), 51-74.

Barnett, L. A. (2011). How do playful people play? gendered and racial leisure perspectives,
motives, and preferences of college students. Leisure Sciences, 33(5), 382-401.
https://doi.org/10.1080/01490400.2011.606777

Bentler PM, Bonnett DG (1980). “Significance tests and goodness of fit in the analysis of

covariance structures”, Psychol. Bull., 88: 588-606.

Bettiga, D., Bianchi, A. M., Lamberti, L., & Noci, G. (2020). Consumers Emotional Responses
to Functional and Hedonic Products: A Neuroscience Research. Frontiers in psychology,
11, 559779. https://doi.org/10.3389/fpsyg.2020.559779

Bentler PM (1989). “EQS structural equations program manual”, Los Angeles: BMDP Statistical
Software.

Blackwell, R., D"Souza, C., Taghian, M., Miniard, P. and Engel, J. (2006), Consumer Behaviour:
an Asia Pacific Approach, Thomson, South Melbourne, Victoria.

Bronfenbrenner, U., Husen, T. and Postlethwaite, T. (1994), “International encyclopedia of

education”, Ecological Models of Human Development, Vol. 3, pp. 37-43.

-42 -



Kajian Branding Indonesia

Brown, L.G. (1989), “The strategic and tactical implications of convenience in consumer product

marketing”, Journal of Consumer Marketing, Vol. 6 No. 3, pp. 13-19.

Brown, T. A. (2015). Confirmatory factor analysis for applied research (2nd ed.). The Guilford
Press.

Broeder, P., & Wentink, E. (2022). Limited-time scarcity and competitive arousal in e-commerce.
The International Review of Retail, Distribution and Consumer Research, 32(5), 549-567.
https://doi.org/10.1080/09593969.2022.2098360

Byun, K.-A., Dass, M., Kumar, P., & Kim, J. (2017). An examination of innovative
consumers’ playfulness on their pre-ordering behavior. Journal of Consumer Marketing,
34(3), 226-240. https://doi.org/10.1108/jcm-01-2016-1684

Chan, T. K. H., Cheung, C. M. K., &amp; Lee, Z. W. Y. (2017a). The state of online
impulse-buying research: A literature analysis. Information &amp;amp; Management,
54(2), 204-217. doi:10.1016/j.im.2016.06.001

Chang, C.-C., Hung, S.-W., Cheng, M.-J., & Wu, C.-Y. (2015). Exploring the intention to
continue using social networking sites: The case of facebook. Technological Forecasting
and Social Change, 95, 48-56. https://doi.org/10.1016/j.techfore.2014.03.012

Chen, T. Y., Yeh, T. L., & Wang, Y. J. (2021). The drivers of desirability in scarcity marketing.
Asia  Pacific Journal of Marketing and  Logistics, 33(4), 924-944.
https://doi.org/10.1108/APJML-03-2020-0187

Connelly, L.M. (2008) Pilot Studies. MEDSURG Nursing, 17, 411-412.

Chiu, C.-M., Chang, C.-C., Cheng, H.-L. and Fang, Y.-H. (2009), “Determinants of customer
repurchase intention in online shopping”, Online Information Review, Vol. 33 No. 4, pp.

761-784.

Cialdini, R.B. (1985), Influence: Science and Practice, Scott, Foresman, Glenview, IL.

-43 -



Kajian Branding Indonesia

Cialdini, Robert B. (2008), Influence: Science and Practice, 5th ed., Boston: Pearson Education

Dai, H., Salam, A.F. and King, R. (2008), “Service convenience and relational exchange in

electronic mediated environment: an empirical investigation”, ICIS Proceedings, 63.

DataReportal, & We Are Social, & Meltwater. (January 26, 2022). Countries with the largest
digital populations in the world as of January 2023 (in millions) [Graph]. In Statista.
Retrieved March 29, 2024, from
https://www-statista-com.upm.remotlog.com/statistics/262966/number-of-internet-users-in

-selected-countries/

Demangeot, C. and Broderick, J.A. (2016), “Engaging customers during a website visit: a model
of website customer engagement”, International Journal of Retail & Distribution
Management, Vol. 44 No. 8, pp. 814-8309.

Dimitrov, D.M., 2003. Validation of Cognitive Structures: A Structural Equation Modelling
Approach. Multivariate Research, 38(1): 1-23.

Djafarova, E., & Bowes, T. (2021). ‘instagram made me buy it’: Generation Z impulse purchases
in fashion industry. Journal of Retailing and Consumer Services, 59, 102345.
https://doi.org/10.1016/j.jretconser.2020.102345

Eroglu, S.A., Machleit, K.A. and Davis, L.M. (2001), “Atmospheric qualities of online retailing:
a conceptual model and implications”, Journal of Business Research, Vol. 54, pp. 177-184.
F. Piron, Defining impulse purchasing, Adv. Consum. Res. (18) (1991) 509-514

Feltman, R., & Elliot, A. J. (2012). Approach and avoidance motivation. Encyclopedia of the
Sciences of Learning, 286—-288. https://doi.org/10.1007/978-1-4419-1428-6_1749

Feng, Z., Al Mamun, A., Masukujjaman, M. et al. Modeling the significance of advertising

values on online impulse buying behavior. Humanit Soc Sci Commun 10, 728 (2023).
https://doi.org/10.1057/s41599-023-02231-7

-44 -


https://doi.org/10.1007/978-1-4419-1428-6_1749

Kajian Branding Indonesia

Ferdinand, A., 2002. Structural Equation Modelling dalam Penelitian Manajemen. Semarang:

Undip

Floh, A., & Madlberger, M. (2013). The role of atmospheric cues in online impulse-buying
behavior. Electronic Commerce Research and Applications, 12(6), 425-439.
https://doi.org/10.1016/j.elerap.2013.06.001

Fornell, C., & Larcker, D. F. (2006). Evaluating structural equation models with unobservable
variables and measurement error. Journal of Marketing Research, 18(1), 39.
https://doi.org/10.2307/3151312

Fromkin, H.L. (1970), “Effects of experimentally aroused feelings of undistinctiveness upon
valuation of scare and novel experiences”, Journal of Personality and Social Psychology,
\ol. 16, pp. 521-529.

Ganbold, S. (March 18, 2023). Usage of TikTok for live selling channels in Southeast Asia in
2022, by country [Graph]. In Statista. Retrieved April 05, 2024, from
https://www-statista-com.upm.remotlog.com/statistics/1459181/sea-usage-of-tiktok-for-liv

e-selling-channels-by-country/

Gao, H., Chen, X., Gao, H., &amp; Yu, B. (2022a). Understanding Chinese consumers’
livestreaming impulsive buying: An stimulus-organism-response perspective and the
mediating role of emotions and Zhong Yong tendency. Frontiers in Psychology, 13.
doi:10.3389/fpsyg.2022.881294

Geng, R., Wang, S., Chen, X., Song, D. and Yu, J. (2020), “Content marketing in e-commerce
platforms in the internet celebrity economy”, Industrial Management and Data Systems, Vol.
120 No. 3, pp. 464-485.

Ghozali, 1., 2004. Model Persamaan Struktural: Konsep dan Aplikasi dengan Program Amos
16.0. Semarang: Badan Penerbit - Undip.

Goodhue, D.L., Lewis, W., and Thompson, R. (2012). Does PLS have advantages for small

sample size or non-normal data? MIS Quarterly, 36(3), 981-1001.
-45 -



Kajian Branding Indonesia

Goretzko, D., Siemund, K., & Sterner, P. (2023). Evaluating model fit of measurement models in
confirmatory factor analysis. Educational and Psychological Measurement, 84(1),
123-144. https://doi.org/10.1177/00131644231163813

Guo, J., Xin, L., & Wu, Y. (2017). Arousal or not? The effects of scarcity messages on online
impulsive purchase. Lecture Notes in Computer Science (Including Subseries Lecture
Notes in Artificial Intelligence and Lecture Notes in Bioinformatics), 10294 LNCS, 29-40.
https://doi.org/10.1007/978-3-319-58484-3 3

Gupta, A., Su, B., &amp; Walter, Z. (2004). An empirical study of consumer switching from
traditional to electronic channels: A purchase-decision process perspective. International
Journal of Electronic Commerce, 8(3), 131-161. doi:10.1080/10864415.2004.11044302

Ha, L. and James, E.L. (1998), “Interactivity reexamined: a baseline analysis of early business
web sites”, Journal of Broadcasting Electronic Media, Vol. 42, pp. 457-474.

Hanadian Nurhayati-Wolff (November 7, 2023). Annual gross merchandise volume (GMV) of
the e-commerce market in Indonesia from 2019 to 2023 with a forecast for 2030 (in billion
U.S. dollars) [Graph]. In Statista. Retrieved March 29, 2024, from
https://www-statista-com.upm.remotlog.com/statistics/1117608/indonesia-gmv-e-commerc

e-market/

Handayani, W., Anshori, M., Usman, I. and Mudjanarko, S.W. (2018), “Why are you happy with
impulse buying? Evidence from Indonesia”, Management Science Letters, Vol. 8 No. 5, pp.
283-292, doi: 10.5267/j.msl.2018.4.019

Harris, J.M. and Shiptsova, R. (2007), “Consumer demand for convenience foods: demographics

and expenditures”, Journal of Food Distribution Research, Vol. 38, pp. 22-36.
https://doi.org/10.22004/ag.econ.46585

Harvey, B. J., & Lang, T. A. (2010). Hypothesis Testing, Study Power, and Sample Size. Chest,
138(3), 734-737. doi:10.1378/chest.10-0067

- 46 -


https://www-statista-com.upm.remotlog.com/statistics/1117608/indonesia-gmv-e-commerce-market/
https://www-statista-com.upm.remotlog.com/statistics/1117608/indonesia-gmv-e-commerce-market/
https://www-statista-com.upm.remotlog.com/statistics/1117608/indonesia-gmv-e-commerce-market/
https://www-statista-com.upm.remotlog.com/statistics/1117608/indonesia-gmv-e-commerce-market/
https://doi.org/10.22004/ag.econ.46585
https://doi.org/10.22004/ag.econ.46585

Kajian Branding Indonesia

Hassan, L., Dias, A. and Hamari, J. (2019), “How motivational feedback increases user’s
benefits and continued use: a study on gamification, quantified-self and social
networking”, International Journal of Information Management, Vol. 46 No. 2, pp.
151-162, doi: 10.1016/j.ijinfomgt.2018.12.004

Hair, et al., 1998. Multivariate Data Analysis. 7Th edition. New Jersey: Prentice Hall.

Hair Jr JF, Black WC, Babin BJ, Anderson RE (2010). Multivariate Data Analysis: A Global
Perspective (7th ed.). Pearson Education International.

Hair, J.F., Ringle, C.M., & Sarstedt, M. (2011). PLS-SEM: Indeed a silver bullet. The Journal of
Marketing Theory and Practice, 19(2), 139-152.

Hair, J. F.,, Black, W. C., Babin, B. J., & Anderson, R. E. (2014). Multivariate Data Analysis.
Prentice Hall.

Hair, J. F., Black, W. C., Babin, B. J., & Anderson, R. E. (2018). Multivariate Data Analysis (8th
ed.). United Kingdom: Cengage Learning

Hisyam, (2010). Pengaruh Kualitas dan Biaya Jasa Terhadap Kepuasan dan Loyalitas

Mahasiswa. Makassar: Endeh Ofset.

Hooper, D., Coughlan, J. and Mullen, M. (2008). Structural equation modelling: Guidelines for

determining model fit. The Electronic Journal of Business Research Methods, 6(1), 53-60.

Hu, M. and Chaudhry, S.S. (2020), “Enhancing consumer engagement in e-commerce live

streaming via relational bonds”, Internet Research, Vol. 30 No. 3, pp. 1019-1041.
Hung, S.-Y., Tsai, J. C.-A., & Chou, S.-T. (2016). Decomposing perceived playfulness: A

contextual examination of two social networking sites. Information &amp; Management,
53(6), 698-716. https://doi.org/10.1016/j.im.2016.02.005

-47 -


https://doi.org/10.1016/j.im.2016.02.005

Kajian Branding Indonesia

Hwang, W.Y., C.B. Chang, G.J. dan Chen, 2004. The Relationship of Learning Traits,
Motivation and Performance-Learning Response Dynamics. Computers and Education, 42:
267-287.

Hwang, A.H.-C. and Oh, J. (2020), “Interacting with background music engages E-Customers
more: the impact of interactive music on consumer perception and behavioral intention”,

Journal of Retailing Consumer Services, Vol. 54, 101928.

Idris, R., S.R. Ariffin, N.M. dan Ishak, 2010. Hierarki Model Pengukuran Confirmatory Factor
Analysis (CFA) ke Atas Instrumen Kemahiran Generik. Jurnal Kemanusiaan bil., 16.

Indonesia, B. P. S. (2024, February 28). Statistik Indonesia 2024. Badan Pusat Statistik
Indonesia.
https://www.bps.go.id/id/publication/2024/02/28/c1bacde03256343b2bf769b0/statistik-ind
onesia-2024.html

J.A. Russell, A. Mehrabian, Evidence for a three-factor theory of emotions, J. Res. Pers. 11 (3)
(1977) 273-294.

Joo, E., & Yang, J. (2023). How perceived interactivity affects consumers’ shopping intentions in
live stream commerce: Roles of immersion, User Gratification and product involvement.
Journal of Research in Interactive Marketing,17 (5), 754-772.
https://doi.org/10.1108/jrim-02-2022-0037

Joseph, F. H., Marko, S., Torsten, M. P., & Christian, M. R. (2012). The use of partial least squares
structural equation modeling in strategic management research: A review of past practices
and recommendations for future applications. Long Range Planning, 45(5-6),
320-340.

Joseph, H., & Balgiah, T. (2022). Impulsive buying behavior analysis of e-commerce
application: A perspective of the stimulus-organism-response model. Proceedings of the
4th International Conference on Economics, Business and Economic Education Science,
ICE-BEES 2021, 27-28 July 2021, Semarang, Indonesia.

https://doi.org/10.4108/eai.27-7-2021.2316878
-48 -


https://www.bps.go.id/id/publication/2024/02/28/c1bacde03256343b2bf769b0/statistik-indonesia-2024.html
https://www.bps.go.id/id/publication/2024/02/28/c1bacde03256343b2bf769b0/statistik-indonesia-2024.html
https://www.bps.go.id/id/publication/2024/02/28/c1bacde03256343b2bf769b0/statistik-indonesia-2024.html
https://www.bps.go.id/id/publication/2024/02/28/c1bacde03256343b2bf769b0/statistik-indonesia-2024.html
https://doi.org/10.1108/jrim-02-2022-0037
https://doi.org/10.1108/jrim-02-2022-0037
https://doi.org/10.4108/eai.27-7-2021.2316878
https://doi.org/10.4108/eai.27-7-2021.2316878

Kajian Branding Indonesia

Kaiser, H. F., & Rice, J. (1974). Little Jiffy, Mark IV. Educational and Psychological
Measurement, 34(1), 111-117.

Kang, H. J., Shin, J., & Ponto, K. (2020). How 3D virtual reality stores can shape
consumer purchase decisions: The roles of informativeness and playfulness. Journal of
Interactive Marketing, 49(1), 70-85. https://doi.org/10.1016/j.intmar.2019.07.002

Kerlinger, F.N., and H.B. Lee, 2000. Foundations of behavioral research (4th ed.). Holt, NY:

Harcourt College Publishers.

Kim, S. and Park, H. (2013), “Effects of various characteristics of social commerce
(s-commerce) on consumers’ trust and trust performance”, International Journal of

Information Management, \ol. 33, pp. 318-332.

Kollmann, T., Kuckertz, A., Kayser, I., 2012. Cannibalization or synergy? Consumers' channel
selection in online-offline multichannel systems. J. Retail. Consum. Serv. Elsevier 19 (2),
186-194.

Koo, D. M., and Ju, S. H. (2010). The interactional effects of atmospherics and perceptual
curiosity on emotions and online shopping intention. Comput. Hum. Behav. 26, 377—-388.
doi: 10.1016/j.chb.2009. 11.009

Kristofferson, K., McFerran, B., Morales, A. C., & Dahl, D. W. (2016). The dark side of scarcity
promotions: How exposure to limited-quantity promotions can induce aggression. Journal

of Consumer Research. https://doi.org/10.1093/jcr/ucw056
Laato, S., Islam, A.N., Farooqg, A. and Dhir, A. (2020), “Unusual purchasing behavior during the
early stages of the COVID-19 pandemic: the stimulus-organism-response approach”,

Journal of Retailing Consumer Services, Vol. 57, 102224,

Lawson, A.B., L. Willoughby, K. dan Logossah, 2010. Developing an instrument for measuring

e-commerce dimensions. Journal of Computer Information Systems. Winter.

- 49 -


https://doi.org/10.1016/j.intmar.2019.07.002
https://doi.org/10.1093/jcr/ucw056

Kajian Branding Indonesia

Lee, T. (2005). The impact of perceptions of interactivity on customer trust and transaction

intentions in mobile commerce. Journal of Electronic Commerce Research, 6(3), 16

Lee Burton, J., Gollins, J., McNeely, L. E., &amp; Walls, D. M. (2018). Revisiting the relationship
between ad frequency and purchase intentions. Journal of Advertising Research, 59(1), 27—
39. doi:10.2501/jar-2018-031

Lee, C.-H., &amp; Chen, C.-W. (2021a). Impulse buying behaviors in live streaming commerce
based on the stimulus-organism-response framework. Information, 12(6), 241.
doi:10.3390/inf012060241

Li G, Jiang Y, Chang L. The Influence Mechanism of Interaction Quality in Live Streaming
Shopping on Consumers' Impulsive Purchase Intention. Front Psychol. 2022 Jul
7;13:918196. doi: 10.3389/fpsyg.2022.918196. PMID: 35874389; PMCID: PMC9306557.

Li, M., Wang, Q., &amp; Cao, Y. (2022). Understanding consumer online impulse buying in live
streaming e-commerce: A stimulus-organism-response framework. International Journal
of Environmental Research and Public Health, 19(7), 4378. doi:10.3390/ijerph19074378

Liang, C.C., Yu, APl and Le, T.H. (2021), “Customers focus and impulse buying at night
markets”, Journal of Retailing and Consumer Services, Vol. 60 No. 3, p. 102434, doi:
10.1016/j. jretconser.2020.10

Lin, S.-C., Tseng, H.-T., Shirazi, F., Hajli, N., & Tsai, P.-T. (2022). Exploring factors influencing
impulse buying in live streaming shopping: A stimulus-organism-response (SOR)
perspective. Asia Pacific Journal of Marketing and Logistics, 35(6), 1383-1403.
https://doi.org/10.1108/apjml-12-2021-0903

Linn, R.L., N.E. Grondlund, 2000. Measurement and Assessment In Teaching . Eighth edition.
New Jersey: Merril an imprint of Prentice Hall.

Liu, Y., Li, Q., and Yin, M. (2018). The stimulating effect of online shopping festival atmosphere
on consumers’ impulsive shopping behavior. Commer. Res. 2018, 18-23. doi:

10.13902/j.cnki.syy;j.2018.07.003.
-50-



Kajian Branding Indonesia

Likert, R. (1932). A Technique for the Measurement of Attitudes. Archives of Psychology, 140,
1-55.

Liu, Y., Li, Q., Edu, T, Jozsa, L., & Negricea, I. C. (2019). Mobile shopping platform
characteristics as Consumer Behavior Determinants. Asia Pacific Journal of Marketing
and Logistics, 32(7), 1565-1587. https://doi.org/10.1108/apjml-05-2019-0308

Lu, Z. and Chen, Q. (2020), “The internet celebrity effect on impulsive consumption behavior
across income levels”, The Frontiers of Society, Science Technology, Vol. 2 No. 13, pp.
39-45.

Lyu, J., Li, M., & Law, R. (2019). Experiencing P2P accommodations: Anecdotes from Chinese
customers. International Journal of Hospitality Management, 77, 323-332.
https://doi.org/10.1016/j.ijhm.2018.07.012

Lynn, M. (1992), “The psychology of unavailability: explaining scarcity and cost effects on
value”, Basic and Applied Social Psychology, Vol. 13 No. 1, pp. 3-7.

Ma, Y. N., & Wang, G. Y. (2018). Research on mobile short video from the perspective of using
and satisfying theory: Taking Douyin app as an example. Public Communication of
Science and Technology, 10(13), 110-111.
https://doi.org/10.16607/j.cnki.1674-6708.2018.13.056

McDonald, R.P. and Ho, M.-H.R. (2002), "Principles and Practice in Reporting Statistical
Equation Analyses," Psychological Methods, 7 (1), 64-82.

McKnight, D. H., Cummings, L. L., & Chervany, N. L. (1998). Initial trust formation in new
organization relationships. Academy of Management Review, 23(3), 473-490.

Mehrabian, A. and Russell, J.A. (1974), An Approach to Environmental Psychology, The MIT

Press, Cambridge, Massachusetts.

-51-


https://doi.org/10.1108/apjml-05-2019-0308
https://doi.org/10.16607/j.cnki.1674-6708.2018.13.056
https://doi.org/10.16607/j.cnki.1674-6708.2018.13.056

Kajian Branding Indonesia

Merrilees, B. (2003). E-trust: The influence of perceived interactivity on e-tailing users.
Marketing Intelligence and Planning, 21(2), 123-128.

Mingyang Sun, Konstantelos, I., & Strbac, G. (2016). Analysis of diversified residential demand
in London using smart meter and demographic data. 2016 IEEE Power and Energy Society
General Meeting (PESGM). https://doi.org/10.1109/pesgm.2016.7741076

Mulaik, S. A. (1987). A brief history of the philosophical foundations of exploratory factor
analysis. Multivariate Behavioral Research, 22, 267-305.
d0i:10.1207/s15327906mbr2203_3

Neuman, W. (2014) Social Research Methods: Qualitative and Quantitative Approaches.
Pearson, Essex, UK.

Ng, F.Z.-X., Yap, H.-Y., Tan, G.W.-H., Lo, P.-S. and Ooi, K.-B. (2021), “Fashion shopping on the
go: a Dual-stage predictive-analytics SEM-ANN analysis on usage behaviour, experience
response and cross-category usage”, Journal of Retailing and Consumer Services, Vol. 65
No. 1, 102851, doi: 10.1016/j.jretconser.2021.102851.

Ning Shen, K., & Khalifa, M. (2012). System design effects on online impulse buying. Internet
Research, 22(4), 396-425. https://doi.org/10.1108/10662241211250962

Nunnally, J. C. (1994). Psychometric theory. New York: McGraw-Hill Higher Education.

Nugraha, Y. D., Permana, R. M., Azib, & Hadiarti, D. (2023). Impulsive purchase behaviour of
Muslim women on Tiktok Shop: Findings from West Java. KnE Social Sciences.
https://doi.org/10.18502/kss.v8i18.14291

Malhotra, N. K. (2010). Marketing Research: An Applied Approach. Global Edition Sixth
Edition. New Jersey: Pearson Education.

Maydeu-Olivares, A., & Garcia-Forero, C. (2010). Goodness-of-fit testing. International
Encyclopedia of Education, 190-196.
https://doi.org/10.1016/b978-0-08-044894-7.01333-6

-52 -


https://doi.org/10.1109/pesgm.2016.7741076
https://doi.org/10.1108/10662241211250962
https://doi.org/10.18502/kss.v8i18.14291
https://doi.org/10.18502/kss.v8i18.14291
https://doi.org/10.1016/b978-0-08-044894-7.01333-6
https://doi.org/10.1016/b978-0-08-044894-7.01333-6

Kajian Branding Indonesia

Mou, J., & Shin, D. (2018). Effects of social popularity and time scarcity on online consumer
behaviour regarding smart healthcare products: An eye-tracking approach. Computers in
Human Behavior, 78, 74-89 (1) . https://doi.org/10.1016/j.chb.2017.08.049

Mummalaneni, V. (2005), “An empirical investigation of web site characteristics, consumer
emotional states and on-line shopping behaviors”, Journal of Business Research, Vol. 58,
pp. 526-532.

P. Aggarwal, S.Y. Jun, J.H. Huh, Scarcity messages: a consumer competition perspective, J.
Advert. 40 (3) (2011) 19-30.

Parboteeah, D.V., Valacich, J.S. and Wells, J.D. (2009), “The influence of website characteristics
on a consumer’s urge to buy impulsively”, Information Systems Research, Vol. 20, pp.
60-78.

Peng, L., Lu, G., Pang, K. and Yao, Q. (2021), “Optimal farmer’s income from farm products
sales on live streaming with random rewards: case from China’s rural revitalisation

strategy”, Computers and Electronics in Agriculture, Vol. 189, 106403.

Piron, F. (1991). Defining Impulse Purchasing. Advances in Consumer Research, 18, 509-514.

Purushothaman, G. and Krishnamurthy, K., A Study on Consumer Satisfaction with Special
Reference to Selected Company (June 30, 2016). International Journal of Retail
Management and Research (IJRMR), Vol.6, Issue 3, p. 1-14, Jun 2016 , Available at
SSRN: https://ssrn.com/abstract=2838831

Rakuten Insight. (March 15, 2023). Frequency of purchasing something on social media during
the last 12 months in Indonesia as of February 2023 [Graph]. In Statista. Retrieved April
11, 2024, from
https://www-statista-com.upm.remotlog.com/statistics/1373557/indonesia-frequency-of-so

cial-media-purchases/

-53-


https://ssrn.com/abstract=2838831
https://ssrn.com/abstract=2838831
https://www-statista-com.upm.remotlog.com/statistics/1373557/indonesia-frequency-of-social-media-purchases/
https://www-statista-com.upm.remotlog.com/statistics/1373557/indonesia-frequency-of-social-media-purchases/
https://www-statista-com.upm.remotlog.com/statistics/1373557/indonesia-frequency-of-social-media-purchases/
https://www-statista-com.upm.remotlog.com/statistics/1373557/indonesia-frequency-of-social-media-purchases/

Kajian Branding Indonesia

Rohm, A.J., Swaminathan, V., (2004). A typology of online shoppers based on shopping
motivations. J. Bus. Res. 57 (7), 748-757."

Rogers, R. (2017). The motivational pull of video game feedback, rules, and social interaction:
Another self-determination theory approach. Computers in Human Behavior, 73, 446-450.
https://doi.org/10.1016/j.chb.2017.03.048

S. Gonbold. (August 18, 2022). Leading categories in shoppertainment in the Asia-Pacific region
in 2022  [Graph]. In  Statista.  Retrieved  April 08, 2024, from
https://www-statista-com.upm.remotlog.com/statistics/1346904/apac-top-categories-in-sho
ppertainment/

Saad, M. and Metawie, M. (2015), “Store environment, personality factors and impulse buying
behavior in Egypt: the mediating roles of shop enjoyment and impulse buying tendencies”,
Journal of Business and Management Sciences, Vol. 3 No. 2, pp. 69-77.

Savitz, D. A., & Wellenius, G. A. (2022). Can cross-sectional studies contribute to causal
inference? it depends. American Journal of Epidemiology, 192(4), 514-516.
https://doi.org/10.1093/aje/kwac037

Sedig, K., Parsons, P., Dittmer, M. and Haworth, R. (2014), “Human-centered interactivity of
visualization tools: micro-and macro-level considerations”, Handbook of Human Centric

Visualization, Springer.

Seiders, K., Berry, L. L., & Gresham, L. G. (2000). Attention, retailers! how convenient is your
convenience strategy? Sloan Management Review, 41(3), 79-89. Retrieved from
https://www.proquest.com/scholarly-journals/attention-retailers-how-convenient-is-your/do
cview/224980677/se-2

Shiau, W.-L. and Luo, M.M. (2013), “Continuance intention of blog users: the impact of perceived

enjoyment, habit, user involvement and blogging time”, Behaviour Information Technology,
\ol. 32, pp. 570-583.

-54 -


https://doi.org/10.1016/j.chb.2017.03.048
https://doi.org/10.1016/j.chb.2017.03.048
https://www-statista-com.upm.remotlog.com/statistics/1346904/apac-top-categories-in-shoppertainment/
https://www-statista-com.upm.remotlog.com/statistics/1346904/apac-top-categories-in-shoppertainment/
https://www-statista-com.upm.remotlog.com/statistics/1346904/apac-top-categories-in-shoppertainment/
https://www-statista-com.upm.remotlog.com/statistics/1346904/apac-top-categories-in-shoppertainment/
https://doi.org/10.1093/aje/kwac037
https://doi.org/10.1093/aje/kwac037
https://www.proquest.com/scholarly-journals/attention-retailers-how-convenient-is-your/docview/224980677/se-2
https://www.proquest.com/scholarly-journals/attention-retailers-how-convenient-is-your/docview/224980677/se-2
https://www.proquest.com/scholarly-journals/attention-retailers-how-convenient-is-your/docview/224980677/se-2
https://www.proquest.com/scholarly-journals/attention-retailers-how-convenient-is-your/docview/224980677/se-2

Kajian Branding Indonesia

Shen, L., Zhang, Y., Fan, Y., Chen, Y., & Zhao, Y. (2022). Improving consumer stickiness in
Livestream e-commerce: A mixed-methods study. Frontiers in Psychology, 13.
https://doi.org/10.3389/fpsyq.2022.962786

Shuqair, S., Pinto, D. C., & Mattila, A. S. (2019). Benefits of authenticity: Post-failure loyalty in
the  sharing  economy. Annals of  Tourism  Research, 78, 102741.
https://doi.org/10.1016/j.annals.2019.06.008

Stewart, D. W., & Pavlou, P. A. (2002). From consumer response to active consumer: Measuring
the effectiveness of interactive media. Journal of the Academy of Marketing Science, 30(4),
376-396.

Stewart, C.D., 2009. A Multidimensional Measure of Professional Learning Communities: The
Development and Validation of the Learning Community Culture Indicator (LCCI).

Disertation. Brigham Young University.

Stone, B. M. (2021). The ethical use of fit indices in structural equation modeling:
Recommendations for psychologists. Frontiers in Psychology, 12.
https://doi.org/10.3389/fpsyg.2021.783226

So, K. K., Kim, H., & Oh, H. (2020). What Makes Airbnb Experiences Enjoyable? The Effects
of Environmental Stimuli on Perceived Enjoyment and Repurchase Intention. Journal of
Travel Research, 60(5), 1018-1038. https://doi.org/10.1177/0047287520921241

SMUTS, A. (2009). What Is Interactivity? The Journal of Aesthetic Education, 43(4), 53-73.
http://www.jstor.org/stable/25656247

Statista. (October 19, 2023). Number of internet users in Indonesia from 2014 to 2029 (in
millions)  [Graph]. In  Statista. Retrieved March 29, 2024,  from

https://www-statista-com.upm.remotlog.com/forecasts/1144747/internet-users-in-indonesia

Statista. (March 21, 2024). Number of users of e-commerce in Indonesia from 2020 to 2029 (in
millions)  [Graph]. In  Statista.  Retrieved  March 29, 2024, from

-55 -


https://doi.org/10.1016/j.annals.2019.06.008
https://doi.org/10.1016/j.annals.2019.06.008
https://doi.org/10.3389/fpsyg.2021.783226
https://doi.org/10.3389/fpsyg.2021.783226
http://www.jstor.org/stable/25656247
http://www.jstor.org/stable/25656247
https://www-statista-com.upm.remotlog.com/forecasts/1144747/internet-users-in-indonesia
https://www-statista-com.upm.remotlog.com/forecasts/1144747/internet-users-in-indonesia

Kajian Branding Indonesia

https://www-statista-com.upm.remotlog.com/forecasts/251635/e-commerce-users-in-indon

esia

Statista. (March 21, 2024). Penetration rate of the e-commerce market in Indonesia from 2019 to
2029 [Graph]. In Statista. Retrieved March 29, 2024, from
https://www-statista-com.upm.remotlog.com/forecasts/261665/digital-buyer-penetration-in

-indonesia

Sun, H., & Zhang, P. (2008). An exploration of affect factors and their role in User Technology
Acceptance: Mediation and causality. Journal of the American Society for Information
Science and Technology, 59(8), 1252-1263. https://doi.org/10.1002/asi.20819

Tenenhaus, Michel & Amato, S. & Esposito Vinzi, Vincenzo. (2004). A global goodness-of-fit
index for PLS structural equation modelling. Proceedings of the XLII SIS Scientific
Meeting. 739-742.

Tong, X., Chen, Y., Zhou, S., and Yang, S. (2022). How background visual complexity
influences purchase intention in live streaming: the mediating role of emotion and the
moderating role of gender. J. Retail. Consum. Serv. 67:103031. doi:
10.1016/J.JRETCONSER.2022.103031

UN DESA. (July 30, 2022). Twenty countries with the largest population in 2024 (in millions)
[Graph]. In Statista. Retrieved March 29, 2024, from
https://www-statista-com.upm.remotlog.com/statistics/262879/countries-with-the-largest-p

opulation/

Vannisa, D., Fansuri, A., & Ambon, I. M. (2020). The effect of flash sale program on shopping
enjoyment and impulse buying on flash sale on C2C E-commerce. International Journal of
Scientific and Technology Research, 9(4), 2534-2539. https://www.ijstr.org/ paper
references.php?ref=1JSTR-0420-33675.

Verplanken, B., & Sato, A. (2011). The psychology of impulse buying: An integrative self
regulation approach. Journal of Consumer Policy, 197-210.

https://doi.org/10.1007/s10603-011-9158-5
-56 -


https://www-statista-com.upm.remotlog.com/forecasts/251635/e-commerce-users-in-indonesia
https://www-statista-com.upm.remotlog.com/forecasts/251635/e-commerce-users-in-indonesia
https://www-statista-com.upm.remotlog.com/forecasts/251635/e-commerce-users-in-indonesia
https://www-statista-com.upm.remotlog.com/forecasts/261665/digital-buyer-penetration-in-indonesia
https://www-statista-com.upm.remotlog.com/forecasts/261665/digital-buyer-penetration-in-indonesia
https://www-statista-com.upm.remotlog.com/forecasts/261665/digital-buyer-penetration-in-indonesia
https://www-statista-com.upm.remotlog.com/statistics/262879/countries-with-the-largest-population/
https://www-statista-com.upm.remotlog.com/statistics/262879/countries-with-the-largest-population/
https://www-statista-com.upm.remotlog.com/statistics/262879/countries-with-the-largest-population/
https://www-statista-com.upm.remotlog.com/statistics/262879/countries-with-the-largest-population/
http://www.ijstr.org/
https://doi.org/10.1007/s10603-011-9158-5
https://doi.org/10.1007/s10603-011-9158-5

Kajian Branding Indonesia

Westbrook, A., Kester, D. and Braver, T.S. (2013), “What is the subjective cost of cognitive effort?
Load, trait, and aging effects revealed by economic preference”, PloS One, Vol. 8, €68210.

Widowati, H. (2019). Indonesia jadi negara dengan pertumbuhan e-commerce Tercepat di Dunia:
Databoks. Pusat Data Ekonomi dan Bisnis Indonesia.
https://databoks.katadata.co.id/datapublish/2019/04/25/indonesia-jadi-negara-dengan-pertu

mbuhan-e-commerce-tercepat-di-dunia

WOFFORD, J. C. (2001). Cognitive-affective stress response: Effects of individual stress
propensity on physiological and psychological indicators of strain. Psychological Reports,
88(3), 768. https://doi.org/10.2466/pr0.88.3.768-784

Wittek, Dorothee & Goffart, Klaus & Wiesche, Manuel. (2017). Designing hedonic user

experiences: the effect of psychological need fulfillment on hedonic motivation.

Wu, L.L., Chiu, M.L. and Chen, K.W. (2020), “Defining the determinants of online impulse
buying through a shopping process of integrating perceived risk, expectation-confirmation
model, and flow theory issues”, International Journal of Information Management, \ol. 52
No. 2, p. 102099, doi: 10.1016/j.ijinfomgt.2020.1020.

Wu, Y., Xin, L., Li, D., Yu, J., &amp; Guo, J. (2021). How does scarcity promotion lead to impulse
purchase in the online market? A field experiment. Information &amp;amp; Management,
58(1), 103283. d0i:10.1016/5.im.2020.103283

Xia, Q., Yan, S., Zhao, H., & Cheng, K. (2021). Request politeness and knowledge hiding: A
daily diary study through an affective events perspective. European Journal of Work and
Organizational Psychology, 31(4), 496-509.
https://doi.org/10.1080/1359432x.2021.2004126

Xu, X., Wu, J.-H. and Li, Q. (2020), “What drives consumer shopping behavior in live streaming

commerce?”, Journal of Electronic Commerce Research, Vol. 21, pp. 144-167.

-57-


https://databoks.katadata.co.id/datapublish/2019/04/25/indonesia-jadi-negara-dengan-pertumbuhan-e-commerce-tercepat-di-dunia
https://databoks.katadata.co.id/datapublish/2019/04/25/indonesia-jadi-negara-dengan-pertumbuhan-e-commerce-tercepat-di-dunia
https://databoks.katadata.co.id/datapublish/2019/04/25/indonesia-jadi-negara-dengan-pertumbuhan-e-commerce-tercepat-di-dunia
https://databoks.katadata.co.id/datapublish/2019/04/25/indonesia-jadi-negara-dengan-pertumbuhan-e-commerce-tercepat-di-dunia
https://doi.org/10.2466/pr0.88.3.768-784

Kajian Branding Indonesia

Yadav, M. S., & Varadarajan, R. (2005). Interactivity in the electronic marketplace: An
exposition of the concept of implications for research. Journal of the Academy of the
Marketing Science, 33(4), 585-603.

Yang, F. and Shen, F. (2018), “Effects of web interactivity: a meta-analysis”, Communication
Research, Vol. 45 No. 5, pp. 635-658.

Yang, F., Huang, A., and Huang, J. (2021). Influence of sensory experiences on tourists’
emotions, destination memories, and loyalty. Soc. Behav. Pers. 49:e10010. doi:
10.2224/sbp.10010

Yasser, A. S., & Gayatri, G. (2023). The role of live streaming in Building Consumer Trust,
engagement, and purchase intention in Indonesian Social Commerce Thrift Clothes Sellers.
ASEAN Marketing Journal, 15(2). https://doi.org/10.21002/amj.v15i2.1224

Zhang, J., Jiang, N., Turner, J. J., & Pahlevan Sharif, S. (2021). The impact of scarcity of
medical protective products on Chinese consumers’ impulsive purchasing during the
covid-19 epidemic in China. Sustainability, 13(17), 9749.
https://doi.org/10.3390/su13179749

Zhang, M., & Shi, G. (2022). Consumers’ impulsive buying behavior in online  shopping
based on the influence of Social Presence. Computational Intelligence and
Neuroscience, 2022, 1-8.
https://doi.org/10.1155/2022/6794729

Zhang, L., Chen, M., & Zamil, A. M. (2023). Live Stream Marketing and Consumers’ purchase
intention: An IT AFFORDANCE perspective using the S-O-R paradigm. Frontiers in
Psychology, 14. https://doi.org/10.3389/fpsyg.2023.1069050

Zhao, Y., Li, Y., Wang, N., Zhou, R., & Luo, X. (2021). A meta-analysis of online impulsive buying
and the moderating effect of economic development level. Information Systems Frontiers,
24(5), 1667-1688. https://doi.org/10.1007/s10796-021-10170-4

Zheng, X., Liu, N., & Zhao, L. (2013). A study of the effectiveness of online scarce promotion
-58 -


https://doi.org/10.3390/su13179749
https://doi.org/10.3390/su13179749
https://doi.org/10.3389/fpsyg.2023.1069050
https://doi.org/10.1007/s10796-021-10170-4
https://doi.org/10.1007/s10796-021-10170-4

Kajian Branding Indonesia

— Based on the comparison of planned buying and unplanned buying. Wuhan
International Conference on E-Business. Wuhan: Association for  Information  Systems.
247-257

Zhong, Y., Zhang, Y., Luo, M., Wei, J., Liao, S., Tan, K.-L. and Yap, S.S.-N. (2022), “I give
discounts, | share information, | interact with viewers: a predictive analysis on factors
enhancing college students’ purchase intention in a live-streaming shopping environment”,
Young Consumers, Vol. 23 No. 3, pp. 449-467

Zhu, Y.-Q., Amelina, D., & Yen, D. C. (2020). Celebrity endorsement and impulsive buying

intentions in social commerce - the case of Instagram in Indonesia. Journal of Electronic
Commerce in Organizations, 18(1), 1-17. https://doi.org/10.4018/jec0.2020010101

-59 -



Eajian Branding Indonesia

1 PE T

Yang bertanda tangan dibawah ini,

NAMA :

NIM :

1. Adriel Simeon

1. 13122010033

2. Michael Santoso

2. 13122010051

Dengan ini kami menyatakan bahwa karya ilmiah kami adalah benar hasil penelitian yang kami
lakukan dan belum pernah diterbitkan dipublikasi manapun.
Dan Bersedia untuk mempublikasikan hasil Tugas Akhir kami di Jurnal Internal S1 Branding.
Demikian surat pernyataan ini kami buat dengan sesungguhnya,

Tangerang, 12 Juli 2024

( TTD Mahasiswa 1)
Adriel Simeon

Mengetthui

P

( TTD Mshasiswa 2)

-60 -

Wdﬁ-o
R




